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Abstract

Purpose – Over the last 50 years, increased attention for personalization paved the way for one-to-one
marketing efforts, but firms struggle to deliver on this promise. The purpose of this manuscript is to provide a
complete picture on personalization, develop a future research agenda and put forth concrete advice on how to
move the field forward from a theoretical, methodological, contextual, and practical viewpoint.
Design/methodology/approach – This research follows a systematic literature review process, providing
an in-depth analysis of 135 articles (covering 184 studies) to distill the (1) key building blocks and components
of personalization and (2) theoretical, contextual, and methodological aspects of the studies.
Findings – This manuscript uncovers six personalization components that can be linked to two
personalization building blocks: (1) learning: manner, transparency, and timing and (2) tailoring:
touchpoints, level, and dynamics. For each of these components, the authors propose future research
avenues to stimulate personalization research that accounts for challenges in today’s data-rich environments
(e.g. data privacy, dealing with new data types). A theoretical, methodological, and contextual (i.e. industry,
country and personalization object) review of the selected studies leads to a set of concrete recommendations
for future work: account for heterogeneity, embed theoretical perspectives, infuse methodological innovation,
adopt appropriate evaluationmetrics, and deal with legal/ethical challenges in data-rich environments. Finally,
several managerial implications are put forth to support practitioners in their personalization efforts.
Originality/value – This research provides an integration of personalization research beyond existing and
outdated review papers. Doing so, it accounts for the impact of new technologies and Artificial Intelligence and
aims to advance the next generation of knowledge development on personalization.

Keywords Personalization, Individualization, One-to-one marketing, Systematic literature review, Consumer

experience, Technology, Digital

Paper type Literature review

IntroductionAQ: 6
Personalization entails tailoring (part of) the marketing mix such as promotions, price, and
product recommendations to the consumer (Bleier et al., 2018; Libai et al., 2020) and fits within
the overall market trend to individualize touchpoints between consumers and firms in data-
rich environments. The idea of personalization has been around for a long time and
manifested itself in various ways like store employees greeting consumers differently
(Neuhofer et al., 2015; Surprenant and Solomon, 1987) and sending electronic communication
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with a personalized heading (Pfiffelmann et al., 2020; Sahni et al., 2018). Personalization sets
itself apart from other individualized marketing efforts like customization, in that the firm
takes control of and decides on how to adapt a specific touchpoint to consumers, rather than
consumers taking the lead (Bleier et al., 2018).

Recent technological advances (e.g. Internet-of-Things (IoT) and Artificial Intelligence
(AI)) and access to new data types (e.g. clickstream data and biometrics) have spiked
organizational interest in and consumer demand for personalized interactions and offerings
(Kumar et al., 2019), even to the extent that it has become a new norm in service delivery
(Jaakkola and Terho, 2021). Examples of highly personalized service are manifold, including
Spotify pushing playlists tailored to its individual users and online apparel retailer Stitch Fix
leveraging data analytics to deliver personalized styling packages. A study by Harvard
Business Review Analytic Services (2018) finds 80% of managers today say personalization
is key to their organization’s strategy, while Accenture (2018) finds 91% of consumers
indicating they are more likely to shop with brands and firms that offer for personalized
service.

Personalization efforts, however, also come with a series of challenges such as managing
big data and algorithms, data integration and accessibility, dealing with privacy concerns,
and adhering to regulatory frameworks like Europe’s General Data Privacy Regulation
(GDPR) (Aguirre et al., 2016; Bang et al., 2019; Longoni et al., 2019; Riegger et al., 2021; Tran
et al., 2020b; Yun et al., 2021). Moreover, consumers may not always embrace personalization
due to privacy concerns and perceived intrusiveness (e.g. Morimoto, 2020; Pfiffelmann et al.,
2020), despite its potential to nurture intimate and meaningful relationships with firms
(Chung et al., 2016; Murray and H€aubl, 2009) and its positive impact on consumer experience
and perceived value (Bang et al., 2019; Wedel and Kannan, 2016). This makes managers face
significant uncertainties when developing, implementing, and executing their
personalization strategies (Kumar et al., 2019).

To date, scholars have devoted significant attention to the topic of personalization to
support managerial practice. Although several reviews of these scholarly efforts exist,
existing personalization review papers are limited in at least four ways – see T1Table 1 for an
overview. First, several reviews have sought to conceptualize personalization in an ad-hoc
manner through a selected (instead of a structured) literature review process. This makes
that the suggested conceptualizations do not identify all relevant components of
personalization. A more detailed understanding, however, may bring much needed
granularity so that managers are in a better position to understand where they can direct
their efforts toward and researchers may develop a more complete view on
personalization. Second, other (structured) reviews focus on specific settings such as
e-commerce (i.e. Adolphs and Winkelmann, 2010; Salonen and Karjaluoto, 2016) and
advertising (i.e. Boerman et al., 2017), discuss the implementation challenges that come
with personalization (i.e. Fan and Poole, 2006), outline the difference between
personalization and customization (i.e. Arora et al., 2008; Sunikka and Bragge, 2012)
and provide some general directions for future work (i.e. Montgomery and Smith, 2009),
but lack a comprehensive integration of personalization knowledge to develop an in-depth
understanding of personalization. Third, as new technologies and AI are pushing the
practice of personalization to new heights, new opportunities and challenges arise that
have not yet been covered in the literature. Most reviews date 10 years or more back, with
the most recent one being from 2017 and only focusing on advertising (Boerman et al.,
2017). Guidance is needed as to where the field should be moving if it intends to keep pace
with the rapidly evolving practitioner space. Fourth, none of the existing review papers
considers the theoretical, contextual, and methodological characteristics of
personalization studies, leading to an incomplete assessment of the state of the art of
the field and failing to comprehend how it may enhance its impact on practice.
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To address current shortcomings, the research aim is fourfold. First, we aim to provide a
complete and updated picture of what personalization entails based on a structured literature
review of 135 papers (covering 184 studies). We thereby unravel two key building blocks of
personalization and their respective components: – (1) learning (manner, transparency, and
timing) and (2) tailoring (touchpoints, level, and dynamics). Doing so allows us to bring much
needed granularity and integration to the field (Vesanen and Raulas, 2006) [1], and moves
beyond earlier incomplete conceptualizations of personalization to support researchers and
managerial practice. Second, building on the gained insights and current trends, we outline a
comprehensive future research agenda to stimulate further personalization research that is in
line with and addresses current challenges (e.g. data privacy, new data types) in today’s data-
rich environment. Third, building on the identified theoretical, contextual, and
methodological aspects of personalization research, we also put forth concrete practical
advice for academic research. Specifically, we detail how personalization research should
account for heterogeneity, infuse methodological innovation, embed theoretical perspectives,
adopt appropriate evaluation metrics, and determine ways to deal with (upcoming) legal/
ethical challenges to preserve consumer privacy (e.g. GDPR and Federated Learning of
Cohorts). These considerations may enhance the impact personalization research may have
on business practice. Fourth, we stipulate several recommendations for practice building on
our conceptualization of personalization.

The remainder of this paper is organized as follows. First, we detail the methodology and
protocols adopted for the systematic literature review. Next, we provide a detailed discussion
on the key building blocks of personalization and their respective components. Third, we
outline various avenues for future research. Finally, we offer concrete theoretical, contextual
and methodological advice to enhance the impact of future work and discuss the managerial
implications of our work.

Methodology
To unravel the key components of personalization in combination with the theoretical,
methodological, and contextual foundations of this research stream and determine initial
avenues for future research and practice, we performed a systematic review of the
personalization literature. Doing so, we relied on the guidelines of Snyder (2019) and
Tranfield et al. (2003). This review approach involved two stages: (1) literature search and
selection of the studies, and (2) data extraction and synthesis. The selection protocol for this
systematic review is detailed in F1Figure 1.

Literature search and selection
We sourced the articles fromWeb of Science, because it provides a comprehensive portfolio of
business, management, and information systems journals. To guarantee objectivity,
transparency, and replicability of our bibliographic search, we followed a five-step procedure
recommended byKranzb€uhler et al. (2018). As visualized inFigure 1, we first identified themost
common keywords used by leading publications in the field. These formed the basis for our
search string. Specifically, we searched for articles containing the words “personalization” or
“personalisation” or “personalized” or “personalised” in their title, abstract or author keywords.
This keyword search resulted in 90,662 articles, covering the 1972–March 2021 timeframe.
Second, we limited our selection to peer-reviewed, academic journals in English to increase the
relevance and quality of our results set. Abstracts of published items, books, book reviews,
discussions, commentaries, editorial material, and proceeding papers were excluded. Also, the
results were further refined with respect to subject category. Articles published under theWeb
of Science category of “Business” and “Management” were included. All this refinement
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resulted in 1,199 articles. Third, we performed a thorough screening of these articles. The initial
examination of the identified publications indicated that therewere redundant entries, asmany
did not relate to the scope of this study. The authors read the abstract of all articles in the pool,
filtering each against two criteria: (1) having a focus on consumer perceptions and/or outcomes
of personalization (e.g. articles focusing on the development of novel personalization algorithms
or the IT infrastructure needed for personalization were kept out of the sample as they lacked
consumer/outcome focus) and (2) having a focus on personalization in a B2C context. This
resulted in a set of 131 papers. Fourth, the full text of the remaining articles was read, causing 9
additional articles to be excluded based on a too narrow focus on IT. Finally, cross-references
led to the inclusion of 13 additional articles, resulting in a final set of 135 articles.F2 Figure 2
provides more insights in the spread of articles over the years. Web Appendix 1 and 2 provide
an overview of respectively the included articles and the number of articles per journal.

Data analysis and synthesis
In line with Moeller et al. (2013), the analysis of the selected articles involved five steps:
familiarizing with the articles, coding article content, categorizing codes/categorizations,
and further analyzing. This content analysis started with the aim of gaining a basic

Search String: TS/AB/AK = (“personalization” or “personalisation” or “personalized” 
or “personalised”) 

90,662 studies found 89,463 studies excluded on basis of language, 
document type, and subject category. 

1,199 references 
imported to MS Excel 
for screening 

After reading abstract of each study, 1,068 studies 
were removed on the basis of content (having no 
focus on consumer perceptions and/or outcomes), 
context (not a B2C paper) and/or domain (non-
business/management).  

131 studies assessed for 
full text eligibility 

122 studies remained 

135 studies (final set) 

After full text evaluation, 9 studies were excluded 
on the basis of narrow focus on IT. 

13 further studies included on the basis of cross-
references. 

Figure 1.
Literature selection

process

JOSM ▪ JOSM-10-2021-0405_proof ▪ 4 June 2022 ▪ 3:37 am

Research on
personalization

Delta:7_Moeller <italic>et al.</italic> (2013)
Delta:7_S
Delta:7_P
Delta:7_.
Original text:
Inserted Text
Moeller et al. (2013)


Original text:
Inserted Text
S


Original text:
Inserted Text
P


Original text:
Inserted Text
.




understanding of the selected literature, followed by in vivo coding of the
conceptualization of personalization and the identification of first-order codes. Next, the
authors independently grouped these first-order codes into second-order categories and
subsequently compared these categories with one another. Inconsistencies were resolved
through discussion among the author team. Finally, the six remaining second-order
categories were labeled as “components” and grouped into third-order categories denoted
as “key building blocks” (see coding tree inWeb Appendix 3 – for more detailed coding see
Web Appendix 4). The key building blocks were labeled as learning (components: manner,
transparency, and timing) and tailoring (components: touchpoints, level, and dynamics)
(see T2Table 2 for definitions and descriptions of these concepts). In addition to these steps
aimed at outlining the conceptualization of personalization (i.e. what personalization
entails), theoretical (i.e. on what theories was the research built?), methodological (i.e. how
was study data collected?), and contextual (i.e. in what country/industry was data
collected? What was the object of personalization?) data of every separate study in all
articles were coded. In what follows, we will first look at personalization in more detail and
outline its conceptual dimensions (i.e. what does personalization entail?). Next, we outline a
comprehensive future research agenda related to the personalization building blocks and
their respective components, considering today’s data-rich business environment. Finally,
we discuss how this research agenda may be achieved and what theoretical,
methodological, and contextual updates are needed. We conclude the paper with some
implications for practice.

Personalization: building blocks and components
To address the first goal of this study – providing a comprehensive conceptualization of
personalization – we draw on structured literature analysis. This analysis identified
learning and tailoring as two common and overarching building blocks of personalization,
which we define respectively as (1) the extraction and collection of consumer preference
data during consumer-firm interactions and its transformation into useable input for

Note(s): Analysis was done in March 2021, explaining the lower number in 2021
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Number of
personalization articles
per year
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Key building blocks
(third-order
categories)

Components
(second-order
categories) Components (first-order codes)

Number
of

articles

% (out
of 135
articles)

Learning
5 the extraction and
collection of consumer
preference data during
consumer-firm
interactions and its
transformation into
useable input for
personalization

Manner (n 5 56–
41.5%)
5 the way in which
consumers are
involved in
gathering data
about their
preferences and
needs

Explicit 5 firm asks consumers to
express their general preferences/
needs as input to consumer profile
building

17 12.6%

Implicit 5 firm collects data and
infers preferences/needs from actual
behavior (e.g, monitoring browsing
patterns)

10 7.4%

Both 29 21.5%
Transparency
(n 5 17–12.6%)
5 how open a firm is
about its data
collection and
processing

Overt 5 consumers are aware of
how their data is being collected,
used, stored and potentially shared
with other parties

8 5.9%

Covert 5 consumers are not aware
of how their data is used, stored and
shared (consumer may even not be
aware data is collected)

0 0.0%

Both 9 6.7%
Timing (n 5 67–
49.6%)
5 the moment of
data collection and
interpretation

Real-time 5 collection and
interpretation of data during
consumer journeys as they take place

9 6.7%

Retrospective 5 reconnection to
data collected during previous
consumer-firm interactions and
interpreting after firm-consumer
interactions

38 28.1%

Both 20 14.8%
Tailoring
5 transforming what
the firm has learned
about consumers
through data collection
and interpretation into
the actual design of
individualized
solutions

Touchpoint
(n 5 102–74.5%)
5 what consumer
touchpoints are
tailored to consumer
preferences

Digital 5 adaptation of digital
touchpoints to consumer preferences

77 57.0%

Human 5 adaptation of frontline
employee interactions to consumer
preferences

6 4.4%

Physical5 adaptation of real-world
objects to consumer preferences

4 3.0%

Digital/Human/Physical 2 1.5%
Digital/Human 3 2.2%
Digital/Physical 9 6.7%
Human/Physical 1 0.7%

Level (n 5 100–
74.1%)
5 the specificity by
which an offering is
tailored to the
preferences of
consumers

Low 5 adaptation of consumer-
firm touchpoints at segment-level or
basic individual-level (e.g. adapting
email heading)

1 0.7%

High 5 adaptation of consumer-
firm touchpoints to strongly match
individual consumers

57 42.2%

Both 42 31.1%
Dynamics (n 5 83–
61.5%)
5 the extent to
which personalized
offers build on real-
time or historical
information

Adaptive 5 adaptation of
touchpoints based on historical
information

13 9.6%

Static 5 adaptation of touchpoints
based on real-time data

60 44.4%

Both 10 7.4%

Table 2.
Key building blocks in

personalization
research
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personalization and (2) transforming what the firm has learned about consumers through
data collection and interpretation into the actual design of individualized solutions. As a
matter of fact, these building blocks are reflected in descriptions of personalization as
processes in which firms decide upon the most suitable marketing mix for individual
consumers based on the consumer data collected previously or in real-time (Arora et al.,
2008; Chung et al., 2016). These building blocks distinguish personalization from
customization defined as a process where a consumer proactively decides themselves
upon the elements of their desired marketing mix (Arora et al., 2008; Bleier et al., 2018).
Personalization research further connects these two building blocks as forming distinct
phases of a personalization process (Li, 2019; Piccoli et al., 2017). Here, learning through
data collection and interpretation happens and then serves as input for the actual tailoring
of the consumer-firm encounter (i.e. adapted products, communication, etc.). Moreover,
several authors also emphasize a cyclical process by which the outcomes of the tailoring
process are fed back into the learning, to enhance the outcomes of personalization efforts
(Adomavicius and Tuzhilin, 2005; Chung et al., 2016; Neuhofer et al., 2015). In what follows,
we elaborate upon the learning and tailoring building blocks by detailing their
components. Table 2 details how strongly each component has been discussed in the
literature.

The learning building block of personalization
The learning building block of personalization includes the combination of gathering data
about consumers and processing these data to gain insight into consumers’ preferences
(Adolphs and Winkelmann, 2010). Building on the coding process, we identify three
components underlying learning: manner of learning, transparency of learning, and timing of
learning.

Manner of Learning reflects the way in which consumers are involved in gathering data
about their preferences and needs, as consumer data can either be collected explicitly or
implicitly (Piccoli et al., 2017). In case of explicit learning, the firm asks consumers to express
their general preferences and needs as input to consumer profile building, without necessarily
mentioning the purpose of the data collection. With implicit learning, the firm collects
consumer data and infers preferences from actual behavior (e.g. monitoring browsing
patterns) (Liang et al., 2006) with consumers not necessarily being aware of the collection and
its purposes (Wattal et al., 2012). In this regard, firms can use tracking technologies such as
first-party cookies (Salem et al., 2019) or rely upon third-party cookies (Boerman et al., 2017) to
gather personal information. As shown in Table 2, 41.5% (n5 56) of the 135 articles in our set
refer to manner of learning (21.5% refer to both manners of learning, 12.6% only to explicit
learning, and 7.4% only to implicit learning).

As explicit learning relies on active consumer input, it may place a burden of time and effort
on consumers that may be undesirable (Glushko and Nomorosa, 2012; Gretzel and Fesenmaier,
2006). Also, consumers may sometimes not be able to provide the necessary information
(Piccoli et al., 2017). Moreover, consumers may deliberately provide inaccurate information in
attempts to secure their privacy or sometimes not be able to provide accurate information
(Chung et al., 2009; Glushko and Nomorosa, 2012). Implicit learning, in turn, requires no time or
effort of consumers, but may violate consumer privacy perceptions (Kubicka, 2016) because
consumers may lack knowledge about cookies even though firms inform users about their
application (Strycharz et al., 2019). As such, higher perceptions of intrusion into one’s personal
life may emerge (Aguirre et al., 2016) along with lower consumer satisfaction and reduced
behavioral intentions (Taylor et al., 2009). These negative consumer outcomes of privacy
concerns do not emerge in case of explicit learning, as consumers perceive higher levels of
control on what data is collected (Taylor et al., 2009). In a similar vein, extant research further
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shows that implicit learning often reduces trust (Aguirre et al., 2016), whereas explicit learning
enhances trust (e.g. Wang and Benbasat, 2016). In practice, a combination of both methods is
often used with explicit learning as a way to obtain general information on consumers and/or
their preferences and implicit learning as a way to refine this information (Piccoli et al., 2017).

Transparency of Learning relates to how open a firm is about its data collection and
processing. Consumer data can be collected and used in an overt way, where individuals are
aware of how their data is being collected, used, stored, and potentially shared with other
parties (Aguirre et al., 2015; Awad and Krishnan, 2006) and may exert some level of control
over their data (e.g. through explicit consent). Conversely, consumer data may also be used in
a covert way, where individuals are not aware of how their data is used, stored, and shared
(consumer may even not be aware data is collected) (Boerman et al., 2017). As shown in
Table 2, only 12.6% (n 5 17) of the articles in our literature review focus on transparency
(6.7% focuses on both covert and overt learning, 5.9% on overt learning and 0.0% on covert
learning only).

Advocates of covert learning claim that consumers benefit if data collection methods do
not disrupt the consumer experience (Aguirre et al., 2015), but covert learning can be harmful
and unethical (Boerman et al., 2017). Consumers may feel spied by unknown tracking of their
information by firms (Aguirre et al., 2015). If firms intrude into consumers’ lives, negative
emotionsmay emerge (Smink et al., 2020) and their behavioral intentions toward the firmmay
decrease (e.g. Gironda and Korgaonkar, 2018). Conversely, firms that opt for overtly
informing consumers about their data collection and processing may increase consumers’
positive behavior (e.g. click-through rates) (Aguirre et al., 2015; Boerman et al., 2017).
Providing consumers with transparency and control over their information reduces their
privacy concerns (Awad and Krishnan, 2006; Song et al., 2016), and perceived risks (e.g.
privacy concerns and feelings of intrusiveness) (Van Den Broeck et al., 2020), enhances trust
(Wang and Benbasat, 2016), effectiveness (i.e. attitude, satisfaction, purchase intention and
recommendation intention toward the service provider) (Kim et al., 2019a) and benefits (e.g.
relevance of the ads and convenience) (Van Den Broeck et al., 2020) and increases purchase
intentions (Tucker, 2014). Further, transparency during learning has been shown to
positively affect perceived fit of the personalized offers (Gretzel and Fesenmaier, 2006).

Timing of Learning relates to the moment of data collection and interpretation, by
which we may discern between real-time and retrospective learning. Real-time learning
involves the collection of data during consumer journeys as they take place and its
immediate usage for personalization, whereas retrospective learning implies reconnecting
to data collected during previous consumer-firm interactions and interpreting after firm-
consumer interactions (e.g. analyzing and interpreting one’s collected purchase history or
web surfing patterns over time) (Dantas and Carrillat, 2013; Thirumalai and Sinha, 2009).
49.6% (n 5 67) of the articles in our set refer to timing of learning (28.1% focuses on
retrospective learning only 6.7% focuses on real-time learning, and 14.8% considers the
combination – see Table 2).

Recent research suggests that real-time learning can help firms to dynamically anticipate
and address consumer needs at every step along the consumer journey, thereby generating
better matches between consumer preferences and firm offerings (Neuhofer et al., 2015).
Similarly, Aguirre et al. (2015) argue that firms should minimize the time between gathering
information about consumers’ preferences and their usage and preferably gather information
in real-time. Consumers’ past preferences are often not a good predictor of their future
preferences due to possible changes in consumer status, mind, and taste (Simonson, 1990). In
practice, firms often combine retrospective and real-time learning to tailor their offerings to
consumer preferences and needs, thus delivering a targeted solution to the consumer
(Thirumalai and Sinha, 2009).
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The tailoring building block of personalization
The second building block – tailoring – involves transforming what the firm has learned
about consumers through data collection and interpretation into the actual design of
individualized solutions (Murthi and Sarkar, 2003). The better organizations know their
consumers (through learning), the better they can tailor their offerings to their consumers
(Shen and Ball, 2009). For tailoring, we can distinguish three components: (1) touchpoint, (2)
level, and (3) dynamics.

Tailoring Touchpoint refers to what consumer touchpoints are tailored to consumer
preferences. More particularly, we discern digital, physical, and human touchpoints. Digital
tailoring involves adapting technology-driven touchpoints like emails (Sahni et al., 2018; Song
et al., 2016), electronic/mobile news/newsletters (Chung et al., 2016; Dantas and Carrillat, 2013),
online interactions (Thirumalai and Sinha, 2009; Pappas et al., 2016), websites (Benlian, 2015;
Nath andMckechnie, 2016), andmobile apps (Guo et al., 2016; Kang andNamkung, 2019).When
it relates to online or mobile channels, firms can achieve digital tailoring through personalized
promotions, including personalized offers and coupons (Pappas, 2018; Wierich and Zielke,
2014), personalized recommendations (Whang and Im, 2018), programmatic advertising (i.e.
aligning their contentwith consumer attributes to achieve digital tailoring –Deng et al., 2019) or
location-based advertising (i.e. aligning the promotionwith the consumers’ geographic position
– Bang et al., 2019). Location-based advertising is labeled as geo-fencing when a consumer is
within the vicinity of the promoting firm, whereas geo-conquesting occurs when firms apply
this locational tailoring to the competitors’ locations (Tong et al., 2020). Physical tailoring refers
to matching physical objects in the offline world to consumers’ preferences, as illustrated by
personalized products (Lee et al., 2011; Thirumalai and Sinha, 2009) and personalized mail
surveys (Mccoy and Hargie, 2007). Human tailoring refers to employees who match offerings
and interactions to consumers preferences during the service encounter and experience creation
(Leischnig et al., 2018; Neuhofer et al., 2015). As shown inTable 2, 74.5% (n5 102) of the articles
focus on touchpoint tailoring, with a dominant focus on digital touchpoints (57%). While
human (4.4%) and physical (3.0%) tailoring have been around long before digital tailoring, they
are surprisingly underrepresented in personalization literature (Koch and Benlian, 2015;
Montgomery and Smith, 2009).

So far, only few studies compare the consumer outcomes of tailoring different types of
touchpoints and findings vary. Thirumalai and Sinha (2013), for instance, show that
providing consumer aid in decision making in an online purchasing context (digital
touchpoint) is less desirable in terms of establishing loyalty to the firm than offering
personalized delivery of the order. This is because delivery services have a physical
touchpoint (delivered package) and sometimes also a human touchpoint (deliverer).
Conversely, Glushko and Nomorosa (2012) – who compared human and digital tailoring to
identify the capabilities needed to personalize a service encounter – show that human
tailoring is not essential to generate better consumer experiences. In fact, very sophisticated
consumer information systems that keep track of explicit and implicit guest preferences in
hotels may outperform tailoring done by hotel front desk clerks. Wattal et al. (2012), in turn,
argue that personalization of physical touchpoints – such as a specific product – has a more
positive impact on consumer behaviors than personalizing communication via digital
touchpoints.

Tailoring Level relates to the specificity by which an offering is tailored to the preferences
and needs of consumers. Several studies in our literature review go beyond juxtaposing
tailored vs untailored offerings and propose that firms can decide upon the level of tailoring
(e.g. Kwon and Kim, 2012; Thirumalai and Sinha, 2009). Specifically, we may distinguish
between low vs high levels of tailoring. Here, a low tailoring level refers either to adapting
offerings to preferences of consumer segments denoted as group-level personalization (Bang
et al., 2019), which has also been labeled as one-to-N personalization (Bleier et al., 2018) or
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using a little amount of distinctive personal information only for tailoring personalized
solutions (Zarouali et al., 2019) – e.g. addressing a consumer by name in a further generic
email. A high tailoring level occurs either when offerings are tailored to individual preferences
(Bang et al., 2019), which is also denoted as one-to-one personalization (Bleier et al., 2018) or
when tailored solution convey highly distinctive knowledge of consumers’ personal
characteristics and preferences (Zarouali et al., 2019). As shown in Table 2, 74.1%
(n 5 100) of the articles incorporate tailoring level, with a dominant focus on high tailoring
levels (42.2–31.1% focuses on the low/high combined, 0.1% of studies on low only).

Extant studies suggest that higher tailoring levels are more effective and are positively
associated with consumers’ positive attitude toward personalized offers (Bang et al., 2019),
lower choice evaluation cost (Nath and Mckechnie, 2016), increased ratings (Zhang et al.,
2020), and consumer satisfaction (Decock et al., 2020). Tam and Ho (2005) show that a higher
tailoring level persuades consumers more to accept personalized offers. Moreover, a higher
tailoring level allows for trust-building (e.g. Nilashi et al., 2016) and leads to more positive
consumer outcomes by reducing information overload and evaluation cost (Liang et al., 2006;
Nath and Mckechnie, 2016). Moreover, a tipping point may emerge when consumers feel that
firms know too much about them. In these situations, consumers may perceive violations of
their privacy (Kubicka, 2016) and intrusion into their lives (Thirumalai and Sinha, 2013).
Moreover, these issues may prompt users to distrust firms, especially if they do not recall
having given consent to the firm for using their personal information (Aguirre et al., 2015). As
such, personalization at a higher level may not always generate the expected return-on-
investment (Fan and Poole, 2006), andmay cause the reactance behavior in consumers aswell
because of perceived restriction on freedom of choice (Bleier et al., 2018). As such, the explicit
costs of personalization may exceed its value (Montgomery and Smith, 2009).

Tailoring Dynamics reflects the extent to which personalized offers emerge based on in-
the-moment or not, and hence strongly links with the timing of learning. Static tailoring
relates to situations where firms adapt offerings and touchpoints based on historical
knowledge of the consumer and hence links to retrospective data collection. Static tailoring
assumes that consumers’ preferences are rather stable and do not change rapidly. Adaptive
tailoring corresponds to situations where firms adapt offerings and touchpoints based on
real-time collected data and insights (Ho et al., 2011). The difference with the timing of
learning resides in the actual usage of data, meaning that, to capture the dynamics of
preference change, adaptive tailoring understands consumers’ context, infers interests, and
adapts the offering based on the most recent preferences as opposed to static tailoring that
adapts offering based on consumer’s historical preference data. While a big number of
articles investigate tailoring dynamics (61.5%, n5 83), static tailoring (44.4%) has been the
dominant focus compared to dynamic tailoring (9.6%) – see Table 2.

Several studies suggest that adaptive tailoring is perceived as better than static tailoring
by consumers because this tailoring style allows adaptation to gradual changes of consumer
preferences over time (Chung et al., 2016), yields better consumer experience (Liebman et al.,
2019), requires minimal proactive consumer input (Wedel and Kannan, 2016) and typically
leads to a better match with consumers’ spontaneous preferences (Ho et al., 2011). However,
real-time adaptation can also increase perceived intrusiveness of the experience (Smink et al.,
2020). Static tailoring poses less severe challenges for a firm to implement and may be
preferable in situationswhere the firm does not have the necessary technical skills in-house to
set up an adaptive personalization system (Chung et al., 2009; Glushko and Nomorosa, 2012).

Personalization: future research avenues
From the structured literature review with content analysis, we can discern that
personalization initiatives can be anatomized into two key building blocks, each having
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various components: learning (i.e. manner, transparency, and timing) and tailoring (i.e.
touchpoint, level, and dynamics). Any managerial decision in relation to the distinguished
learning and tailoring components can essentially encourage or discourage consumers to
pursue their journey with the firm and even affect their relationship with the firm. Indeed,
each of the learning and tailoring decisions goes along with a dilemma (i.e. between explicit/
implicit, overt/covert, real-time/retrospective learning, and digital/human/physical, low/high,
and static/adaptive tailoring) where a choice needs to be made from the firm’s side.

From this content analysis and given that new technologies and AI are further pushing
the expectations around and the application of personalization in consumer-firm encounters,
new challenges and opportunities arise. Today, organizations struggle significantly with
making their personalization efforts work and pay-off (Dynamic Yield, 2020). This even
makes some marketers think about (partly) abandoning their personalization efforts
(Gartner, 2019). This is paradoxical given thatmostmanagers put personalization high on the
agenda (Harvard Business Review Analytic Services, 2018) and the fact that consumers
expect it more and more (Accenture, 2018). Against this background, more knowledge is
required to aid practice toward the successful implementation of personalization practices.
Below, we outline various research opportunities related to the learning and tailoring
components – note that some components provide more research opportunities than others.

T3Table 3 provides a summary of the relevant future research avenues. After, we outline several
general guidelines to implement the research agenda, largely building on the theoretical,
contextual, and methodological data that was coded from the literature set.

Research avenues linked to learning components
Manner of Learning – Explicit learning intuitively seems a viable learning strategy but
practically, as Murray and H€aubl (2009) contend, asking consumers for information may be
perceived as too interrogative and may therefore result in loss of consumers’ willingness to
actually provide information or consumers may provide wrong information to protect their
privacy (Glushko and Nomorosa, 2012). Future research could investigate the conditions
under which firms can mitigate consumers’ reluctance to share their data when explicitly
asked for, so that explicit learning creates value for both the consumer and the firm. In this
regard, researchers may distinguish various types of data such as identification,
demographic, lifestyle, media usage, medical, financial, and location-based data (Bansal
et al., 2016) of which some typesmay be consideredmore sensitive to consumers (e.g. financial
data vs demographic data) than other types (Grosso et al., 2020). Research should also explore
ways to limit the burden of time and effort when opting for explicit learning (Glushko and
Nomorosa, 2012; Gretzel and Fesenmaier, 2006). In some situations, firms need initial
consumer input to kickstart the personalization process. For instance, early in the
relationship firms do not have any individual-level data (i.e. cold-start problem), making
that input via quizzes is an often used and necessary tool to make personalization efforts
work. Here, it is also important to understand what drivers may help to motivate consumers
to share data. A recent practitioner report, for instance, shows that consumers’willingness to
share their personal data is higher when they can receive exclusive discounts, have problems
solved, receive back-in-stock alerts, get personalized recommendations and to find products
faster and easier (SmarterHQ, 2019).

Today, there is also a growing tendency to give consumers more control of their personal
data and how firms may use this – in part driven by legislation like Europe’s GDPR and a
growing number of initiatives that work toward decentralized, person-owned and controlled
data ownership like Dataswift (https://www.dataswift.io/) and the MIT Solid project (https://
solid.mit.edu/). The 2020 Cisco Consumer Privacy Study, for instance, finds 89% of
respondents wantingmore control of their personal data (Cisco, 2020). Morework is needed to
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understand what tools can be developed to give consumers more control over their personal
data collection and usage, and to what extent providing consumers with control over their
data (usage) provides a competitive advantage for firms.

As evident from Table 2, the case of implicit learning is somewhat under-researched
and requires more attention. Implicit learning based on third-party consumer profiling, for
instance, is increasingly questioned and considered a “black box” with low reliability and
being economically unattractive (Neumann et al., 2019). As such, research is needed to
consider how the effectiveness of implicit learning through third party data may be
improved. Another interesting angle here is to look at the interplay between implicit
learning and learning transparency. For instance, if firms make use of implicit learning
(e.g. past purchase history of a consumer that is stored in the firm’s database) for
personalization purposes, should the firm disclose this practice with its consumers (i.e.
overt transparency) or not? While the findings of Grosso et al. (2020) show that consumers
are indeed concerned about how firms use their data, it is unclear how transparency
choices in case of implicit learning affect the success of personalization strategies.
Moreover, are there variations across industries? A recent practitioner report (SmarterHQ,
2019) shows that consumers also hold different levels of trust toward distinct firms and
industries as to how they use data responsibly – Amazon held the highest score here with
48.3% of respondents claiming to trust the firm with personal data, whereas trust in
airlines (17.1%), hotels (14%), boutique stores (7.1%) and social media firms (6.3%) was
significantly lower.

Finally, more work is needed to understand when consumers prefer explicit vs implicit
learning. For example, consumers having developed a strong and long-lasting relationship
with a firmmay feel a lower need to explicitly provide input, whereas in the initial relationship
stages consumers may have a higher preference for explicit learning. Different data types
may also be important here, with consumers being more or less willing to share data for
personalization purposes and wanting different levels of control on what is shared and used.
Online browsing data, for instance, may be considered as less critical compared to the
collection, storage, and usage of one’s biometric data. The latter data type is tied to an
individual and typically allows to uniquely identify an individual (Jain et al., 2011). Moreover,
biometric data further allows to build detailed individual profiles on an emotional (i.e. what is
the consumer feeling?), cognitive (i.e. what is the consumer thinking?), physical (i.e. what type
of consumer is this?) and behavioral (i.e. what is the consumer doing?) level (De Keyser et al.,
2021). Given these higher levels of detail and personal information, consumers may want to
control their collection and usage more explicitly.

Transparency of Learning –Despite initial findings showing the positive impact of higher
transparency levels on consumer outcomes, Table 2 shows that transparency has received
relatively little attention in personalization research. This is surprising given how prominent
the topic of transparency is on today’s agenda. A report by SmarterHQ (2019), for instance,
finds that 86% of consumers are concerned about their data privacy, and 79% of consumers
believe firms know too much about them. In addition, the State of Personalization report by
Segment.io finds trustworthiness and transparency to be the key drivers of brand purchases
(Segment.io, 2021). Research is needed to understand to when consumer feel a need for
transparency (e.g. in the context of ads or product recommendations), what level of detail
consumers want to have insights on how their data is being collected, stored and used, how
they want to be informed about this, how strongly they value insight on how data is being
used for personalization, and under what circumstances transparency positively/negatively
impacts consumer outcomes. Recentwork byKim et al. (2019b) shows that transparency in an
online ad context may even have a negative effect on ad effectiveness in situations where
consumers find an inappropriate flow of information used to personalize communication.
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Finally, it would be interesting to consider the impact of transparency-promoting
legislation like Europe’s GDPR on consumers’ need for transparency. Has such legislation
increased consumer’s need for transparency, or does it in fact diminish in a paradoxical
manner this potential need knowing that firms are automatically facing limitations on data
collection and usage through this legislation? For instance, what is the impact of just
informing consumers vs asking their consent (e.g. in case of overt transparency) on their risk
and trust perceptions and their willingness to share data for personalization purposes.
Moreover, federated learning of cohorts (FLoC), a new mechanism to preserve the privacy of
consumers proposed by Google, disables firms to learn about individual consumers based
upon the information that third-party cookies from Google Chrome generated for them
(Epasto et al., 2021). Instead, FLoC allows firms to learn about consumer groups (cf. group-
level or one-to-N personalization) rather than about individual consumers (cf. individual-level
personalization). Against this background, future research can and must investigate the
effects of this privacy-preserving mechanism on the effectiveness of personalization efforts
for safeguarding consumers’ privacy while boosting the firm performance.

Timing of Learning – From the firm’s side, it is important to better understand the ideal
timing to gather different types of consumer information (i.e. retrospective and/or in real-
time), and the way in which data from different sources may be linked to one another over
time. The more data (both in terms of the manner of data collection, and the longitudinal
aspect linked to a real-time tracking and acting upon data) firms can gather, the better
equipped they are in making personalized offerings. Further research is needed to
understand the usability and predictive value of different types of data – e.g. transactional,
web analytics, biometric and social media – in terms of personalization success for consumers
and the firm.

As shown in Table 2, personalization dominantly focused on retrospective learning to date.
Future research may generate a better understanding of the effectiveness of technological
enhancement in terms of real-time learning – especially as 43% of firms see getting accurate
and real-time data as a key challenge to their personalization efforts (Segment.io, 2021). As AI-
enabled technologies like conversational agents and service robots now enable firms to learn
consumer preferences in real-time by recognizing patterns from data as they step along the
consumer journey (Huang and Rust, 2021), novel work may help to generate a better
understanding of ways to gather and use real-time information to enhance the consumer
experience (De Keyser et al., 2020), and how reliable different data types turn out to be.

Research avenues linked to tailoring components
Tailoring of Touchpoints – Personalization efforts in relation to different – digital, human,
physical – touchpoints along the consumer journey offer a fruitful area for further
research. Work, for instance, is needed to understand how personalization preferences
differ across different touchpoints, and where personalization is more vs less desired.
Industry data, for instance, show that consumers are disposed negatively to website pop-
ups, push notifications and online retargeting/remarketing (SmarterHQ, 2019). While
many of these personalized touchpoints are common and popular in practice today, there
are mixed results pertaining to their effectiveness and desirability. Li et al. (2021), for
instance, find early retargeted ads have negative effects on consumer purchases, whereas
late retargeted ads have a positive effect. Industry data show that the click-through rate of
retargeted ads is ten times higher than that of a typical display ad (Wishpond, 2022), yet
theymay also lead some consumers to feel annoyed and react negatively to ads of products
they viewed earlier (Ghose and Todri-Adamopoulos, 2016). More research is needed to
understand how various touchpoints can be personalized so that consumers’ potential
negative dispositions are reduced, under what circumstances (e.g. consumers already
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bought what is suggested) it would be better to stay away from personalization, and what
type of touchpoint personalization is considered as less appropriate or more intrusive. In
relation to retargeting, more insights are needed as to how their timing, content, and
customer heterogeneity impact their effectiveness.

From a longitudinal perspective, future efforts are needed to understand where along the
consumer journey personalization has the strongest impact on consumers and how firms can
personalize consumer journeys consistently over time – i.e. how can firmspersonalize themix of
touchpoints across channels, devices, and time to deliver superior consumer experiences?
Today, only a minority of businesses are investing successfully in omnichannel
personalization, leaving much room for needed improvements and overcoming internal
challenges like departmental silos and legacy infrastructure (Segment.io, 2021). One such
research area is in the field of personalized advertising. As personalized advertising departs
from conventional approaches articulating consumers’ own preferences, programmatic
advertising and location-based advertising on mobile devices offer huge potential for future
research. The initial enthusiasm over programmatic advertising seems to fade away due to
limited control of advertisers on websites on which their ads appear and due to recent industry
developments, such asGoogle’s announcement to limit the use of third-party cookieswhichwill
consequently restrict access to users’ browsing data, a prerequisite for individual users
targeting in programmatic advertising (Shehu et al., 2021). Research is needed to see how
current changes will impact the role and success of programmatic advertising. Location-based
advertising equally holds great potential for future development and research. The success of
the sharing economy (e.g. ride hailing and ride sharing services), for instance, partly depends on
consumer geo-location information (Tong et al., 2020). Applying insights with consumer geo-
location information, firms can design geo-targeting strategies (geo-fencing and geo-
conquesting strategies) (Tong et al., 2020). The increased popularity of mobile devices in
consumer shopping journeys has enabled retailers to convert front traffic, i.e. consumers
walking in front of a store, into sales with the help of geo-fencingmobile advertising (Baier and
Rese, 2020) and through geo-conquesting strategies, i.e. targeting consumers who are at
competitors’ location (Dub�e et al., 2017). Targeting consumers at firms’ own location (geo-
fencing) and at competitors’ location (geo-conquesting) with personalized advertising can be
interesting avenue for future research in the area of personalized advertising.

As shown in Table 2, most research attention has been dedicated to personalization in
relation to digital touchpoints. However, many consumer journeys also involve physical and
human touchpoints (Hamilton et al., 2020). More work is needed to understand how
personalization of human and physical touchpoints impacts consumers. Of particular interest
is the use of technology to augment the human and physical frontline through for instance
physical profiling and emotion-recognition (Grewal et al., 2020) and the impact it may have on
consumers: how does the use of different types of enhancement technologies for
personalization impact consumers? To what extent does the (un)awareness of
enhancement technologies positively/negatively impact the consumer experience?

Tailoring Level – It is important to understand when personalization should be applied
and at what level. The cost of personalization gone wrong is rather high. In a recent
practitioner study by Broadridge (2021), for instance, 43% of respondents indicate to have
stopped business with a firm because they did a poor job of personalizing the experience – up
from 25% in 2019. Hence, it may be that in some situations lower or no tailoring levels are
better than high levels that are off. In a related fashion, research by SmarterHQ (2019) shows
that consumers feeling targeted too many times or for a too long time are offset by
personalization efforts. Together, this leads to a set of highly important research questions:
What is the impact of non-fitting personalization efforts? When are lower vs higher levels of
personalization desired? At what frequency should touchpoints be highly personalized? And
for how long?
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Higher levels of personalization may be linked to heightened feelings of intrusiveness and
privacy violation (Kubicka, 2016; Thirumalai and Sinha, 2013). Indeed, consumersmay prefer
low over high tailoring levels when they are not ready to disclose their personal information
and/or accept interference into their lives (Henkens et al., 2021). In addition, the place where
consumers are confronted with highly personalized offerings may be relevant, such as one’s
home context (where one enjoys privacy) vs a shopping mall (where others may observe how
touchpoints get personalized). In this context, future research might investigate how
mitigating consumers to higher tailoring levels affects the success of personalization
strategies from a consumer and firm perspective, thereby allowing practitioners to decide
whether this is a strategy worth pursuing. In addition, work may also consider what
techniques/interventions can be made to reduce the odds of raising consumer feelings of
intrusion and privacy violation under high tailoring conditions (Wedel and Kannan, 2016).

Tailoring Dynamics – In relation to tailoring dynamics, more research is needed on the
topic of adaptive tailoring – see Table 2. Initial work shows how adaptive tailoring is able to
deliver better consumer experiences and firm results in comparison with static tailoring
(Chung et al., 2016). More insights are needed to understand under what circumstances
consumers prefer adaptive over static tailoring, and how a shift to adaptive tailoring should
be disclosed and communicated to consumers.

Considering the challenge of collecting and analyzing real-time consumer data
(Segment.io, 2021), another series of questions relates to their reliability for personalization
purposes. Biometric systems, for instance, are increasingly used to capture consumer
emotions (e.g. Affectiva emotion recognition and Amazon Halo Bracelet) through facial
expressions and speech patterns. Research by Barrett et al. (2019), however, finds it is very
hard to use facial expressions to accurately predict how someone is feeling. These facial
expressions can be fake and vary across contexts and cultures, often leading to
misinterpretations by the software analyzing. More work is hence needed to uncover what
data types are reliable for and enable adaptive tailoring the most, what data types are
considered acceptable for personalization purposes, and how consumers react to
misinterpretations of data. Relatedly, more insights on consumer reactions to different
types of information flows and data-merging practices are needed as firms find significant
potential in merging and using a mix of first party (i.e. data collected by the firm) and third-
party (i.e. data collected by an outside party) data for personalization purposes. Furthermore,
based on the insights drawn during the process of analyzing extant personalization literature,
we came across multiple aspects which we think personalization researchers should consider
to make personalization research more impactful.

Enhancing the impact of personalization research
Combining the coding of the theories used, study contexts and methodologies used in our set
of 184 studies and our overall research synthesis, we outline five considerations researchers
should take into account to enhance the impact and practical value of their work: (1)
accounting for heterogeneity, (2) embedding theoretical perspectives, (3) infusing
methodological innovation, (4) adopting appropriate evaluation metrics, and (5) dealing
with legal/ethical challenges. In what follows, we turn these five considerations into concrete
recommendations to ensure impactful personalization research.

Accounting for heterogeneity
The inherent differences between consumers and contexts warrant a further investigation of
heterogeneity in personalization research. Specifically, researchers may want to account for
consumer-related (e.g. culture), personalization object-related (e.g. email, product and
advertising), and industry-related (e.g. industry type) heterogeneity.
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FromT4 Table 4, we can see that personalization literature to date has mainly used samples
from Western, educated, industrialized, rich and democratic (WEIRD) countries, especially
from theUnited States (22.28%). Research inAfrican and Latin-American settings is virtually
lacking. Asian countries, in turn, are underrepresented, which is highly surprising given the
strong digital push countries like China are making through firms like Alibaba and Tencent.
These data-rich and developing market environments (Sridhar and Fang, 2019) provide
significant opportunities for personalization research and should be strongly considered in
future endeavors. In addition, as more firms are operating globally and as societies are
becoming more ethnically diverse within countries as well, this leaves firms simultaneously
facing consumers with different cultural backgrounds. Cross-cultural personalization
research could assist managers in understanding cross-cultural variation at an individual
consumer level and help adapt personalization efforts accordingly.

Moreover, as shown inT5 Table 5, the object of personalization in research is dominantly
related to promotion, with different types of ads (28.80%of studies – e.g. Tran et al., 2021; Van
Den Broeck et al., 2020) and product/service recommendations (19.57% of studies – e.g. Kang
and Namkung, 2019) as the two biggest categories of objects. Personalization of other aspects
of the marketing mix also deserves further investigation, such as personalized pricing (Tong
et al., 2020) and personalized interactions with the firm’s representatives in the physical – as
opposed to the digital – reality (De Keyser et al., 2019). Here, many opportunities lie in
considering how personalization of human frontline interactions, physical/digital encounters
through adaptive augment/virtual reality, and conversational agents and robots impact
consumer and firm outcomes.

Country # of studies (%) (n 5 184)*

The USA 41 (22.28%)
Multi-country 10 (5.43%)
Germany 9 (4.89%)
Korea 8 (4.35%)
Belgium 7 (3.80%)
The Netherlands 7 (3.80%)
Hong Kong 5 (2.72%)
China 5 (2.72%)
Greece 3 (1.63%)
Switzerland 2 (1.09%)
Taiwan 2 (1.09%)
Canada 2 (1.09%)
Japan 2 (1.09%)
Portugal 1 (0.54%)
The UK 1 (0.54%)
Cyprus 1 (0.54%)
Ireland 1 (0.54%)
Bolivia 1 (0.54%)
Turkey 1 (0.54%)
Italy 1 (0.54%)
New Zealand 1 (0.54%)
Malaysia 1 (0.54%)
Finland 1 (0.54%)
Palestine 1 (0.54%)
N/A 20 (10.87%)
Not specified 50 (27.17%)

Note(s): *Whilewe systematically reviewed 135 articles, the numbers in this table refer to studieswithin these
articles. That is, a single article may contain more than one study

Table 4.
Country focus in
personalization

research
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Finally, personalization research should account for industry-specific effects. To date,
especially (online) retailers have made great strides to personalize the consumer experience
(IBM, 2020), with academic research focusing dominantly on this setting (27.17% – see

T6Table 6). Novel personalization research should consider expanding the scope of settings,
with financial services, healthcare, and education providing particularly interesting settings
to consider the impact of personalization on consumer and firm outcomes and – given the
social importance of some of these sectors – even societal outcomes.

Embedding theoretical perspectives
Looking at the coded theories, it becomes clear thatmost of the personalization articles to date
are not building on a concrete theoretical basis (see T7Table 7 – 69.63% of articles do not have a
clear guiding theory). Other articles borrow insights from or contribute to a wide variety of
theoretical perspectives that serve as a starting point for more impactful personalization
research.

First, the different theories listed in Table 7 suggest that personalization efforts can elicit
specific behaviors throughmental processes (e.g. theory of reasoned action, theory of planned
behavior, stimulus-organism-response model, uses and gratification theory, elaboration
likelihood model, and tripartite model of attitude formation). These mental processes entail,

Object # of studies (%) (n 5 184)*

Ads (web, banner, email, mobile) 53 (28.80%)
Recommendations (product, service, events) 36 (19.57%)
Service/service encounter 22 (11.96%)
Website (info, content, interface, pages) 21 (11.41%)
Email 12 (6.52%)
News/newsletter 5 (2.72%)
Mail survey 2 (1.09%)
Others 16 (8.70%)
Not specified 5 (2.72%)
N/A 12 (6.52%)

Note(s): *Whilewe systematically reviewed 135 articles, the numbers in this table refer to studieswithin these
articles. That is, a single article may contain more than one study

Contexts # of studies (%) (n 5 184)*

Online retail(ers) 50 (27.17%)
Hospitality 12 (6.52%)
News media 9 (4.89%)
Bank 9 (4.89%)
Entertainment 9 (4.89%)
Social media (ads) 9 (4.89%)
Telecom 8 (4.35%)
Travel 6 (3.26%)
Healthcare 5 (2.72%)
Automotive 4 (2.17%)
Other 44 (23.91%)
N/A 19 (10.33%)

Note(s): *Whilewe systematically reviewed 135 articles, the numbers in this table refer to studieswithin these
articles. That is, a single article may contain more than one study

Table 5.
Objects personalized in
personalization
research

Table 6.
Settings used in
personalization
research
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among others, emotional responses, gratification, attitude formation, perceptions, subjective
norms, and intentions. Additionally, extant research also theorizes about how and why
personalization efforts affect these mental processes, thereby paying attention to information

Theory No. of articles %

Elaboration likelihood model (ELM) 4 2.96
Consumer search theory (CST) 3 2.22
Uses and gratification theory 3 2.22
Theory of reasoned action (TRA) 3 2.22
Complexity theory 2 1.48
Information boundary theory 2 1.48
Privacy calculus theory 2 1.48
Psychological reactance theory 2 1.48
Self-concept theory 2 1.48
Stimulus-organism-response (S-O-R) model 2 1.48
Configuration theory 1 0.74
Utility maximization framework 1 0.74
Expectation confirmation theory 1 0.74
Social identity approach 1 0.74
Technology acceptance model (TAM) 1 0.74
Theory of planned behavior 1 0.74
Transaction cost theory 1 0.74
Perceived care theory 1 0.74
Uniqueness theory 1 0.74
Principle of least effort 1 0.74
Information overload theory 1 0.74
User involvement theory 1 0.74
Play and entertainment theories 1 0.74
Tripartite model of attitude formation 1 0.74
Information processing theory 1 0.74
Innovation diffusion theory (IDT) 1 0.74
Culture–Technology fit theory 1 0.74
Theory of constructed preferences 1 0.74
Social cognitive theory 1 0.74
Social-interaction theory 1 0.74
Knowledge-based trust theory 1 0.74
Cognitive control theory 1 0.74
Attribution theory 1 0.74
Ideal type theory 1 0.74
SERVQUAL 1 0.74
SERVPERF 1 0.74
Social presence theory 1 0.74
Communication privacy management (CPM) theory 1 0.74
Regulatory focus theory 1 0.74
Ego-depletion theory 1 0.74
Multiple resource theory 1 0.74
Social contract theory 1 0.74
Privacy paradox 1 0.74
Impression management theory 1 0.74
Cue utilization theory 1 0.74
Evolution theory 1 0.74
Motivation theory 1 0.74
No guiding theory 94 69.63

Note(s):As one article may build on multiple theoretical perspectives, the number of articles amount to more
than 135 articles. We use 135 articles as the basis to calculate the relative frequencies

Table 7.
Theories employed in

personalization
research
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processing (e.g. information overload theory, information boundary theory, cue utilization
theory, ideal type theory, multiple resource theory and cognitive control theory), decision-
making (e.g. utility maximalization framework, communication privacy management theory,
privacy calculus theory, and privacy paradox), and motivational processes (cf. motivation
theory, transaction cost theory, perceived care theory, psychological reactance theory, and
regulatory focus theory). An integration of the aforementioned theoretical perspectives may
contribute to a better understanding of the mental processes through which personalization
efforts with unique combinations of learning and tailoring components elicit specific
consumer behaviors like disclosing personal data and continued usage of personalized
offerings.

In this regard, it is important to consider mental processes that are cognitive (e.g.
expectation (dis)confirmation through perceptions) as well as affective (e.g. gratification after
using personalized offerings) in nature. Over the years, cognitive processes received much
more thought than emotional processes in the personalization literature. Indeed, the dominant
method for gathering data about these processes – that is, surveys – is more likely to capture
cognitive rather than emotional processes as surveys urge respondents to reflect upon their
answers. As such, methodological innovations like neuroscientific tools will have to be
implemented to capture the multidimensional nature of mental processes triggered by
personalization efforts.

Another interesting avenue for future research from a theoretical perspective relates to the
way in which personalization efforts contribute to consumer’s identity formation and
impression management. Recent personalization research suggests that identity-related
theories like social identity theory, uniqueness theory, and self-concept theory (e.g. Torrico
and Frank, 2017; Tran et al., 2020a) and impression management theory (e.g. Hess et al., 2020)
are applicable in the context of personalization. Moreover, personalization researchers can
enrich these theories by discovering new triggers for identity formation and impression
management when investigating the role of different learning and tailoring components. In
data-rich environments, future research may also benefit from investigating whether digital
identities evolve along parallel lines with those in the physical reality and – if not – how and
why they differ from one another along with its implications for the effectiveness of
personalization efforts. Inspired by social presence theory, future research might also
investigate to what extent consumers are perceived as “real persons”when brands and firms
rely upon their digital identities and how this informs their learning and tailoring decisions
and subsequently affects the effectiveness of these decisions.

Infusing methodological innovation
The empirical studies in our structured literature review dominantly rely on scenario-based
experiments (lab experiments – 16.85%; online experiments – 19.57%) and retrospective
surveys (e.g. online surveys – 13.59%) – see T8Table 8. While both methods have their merits,
experiments may not capture the complexity and richness of reality (Tojib and Khajehzadeh,
2014) and surveys suffer from a variety of biases (Verhulst et al., 2019). Hence, personalization
researchers need to embrace a wider set of methodologies to strengthen insights generated.

First, while efforts focused on, among others, optimizing recommendation algorithms is
highly advanced in nature andmaking use of machine leaning techniques, academic work on
the consumer/firm outcomes of personalization initiatives is less advanced to date. In this
regard, personalization research would benefit from more advanced data and analytical
techniques for quantitative approaches. Specifically, conjoint analysis could assist in finding
optimal combinations of learning and tailoring choices for consumers and firms. Churn and
hazard modeling, in turn, could help to demonstrate the power of personalization efforts, for
instance as reflected in the financial impact of personalizing consumer experiences.
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Neuroscientific tools like EEG, fMRI, and eye tracking (Verhulst et al., 2019) could assist in
uncovering cognitive and affective processes linked to different personalization decisions. In
addition, modeling approaches likemultilevel analysis and random effectsmodels allow to go
beyond population-averaged findings.

At the same time, the adoption of qualitative work – which is largely missing at this
point – may bring more depth to personalization research. Specifically, case study
research may be beneficial to provide insights into why some personalization initiatives
are highly successful while others fail. By means of qualitative (comparative) analyses of
these personalization cases, future research may contribute to a better understanding of
the way in which learning and tailoring decisions affect the success of a personalization
initiative. As a matter of fact, researchers may find the work of Neuhofer et al. (2015),
Pappas (2018), Pappas et al. (2016), and Piccoli et al. (2017) insightful, as these studies
already conduct case study research and fuzzy-set qualitative comparative analyses
(fsQCA) in the field of personalization. Yet, none of these studies considers the way in
which learning and tailoring decisions affect personalization success. In addition,
phenomenological research may aid to gain insight into the “lived” personalization
initiatives, i.e. how consumers experience specific personalization decisions made by a
firm (e.g. Apple’s decision to reverse default settings of its operating system so that apps
can only track Internet behavior if consumers explicitly approve it).

Adopting appropriate evaluation metrics
To explore the implications of personalization efforts, most studies rely upon consumer
metrics that are perceptual in nature such as purchase/continuance intentions, click-
through intentions, satisfaction, trust, attitude toward the firm, and other behavioral
intentions – seeT9 Table 9. To strengthen the impact on practice, personalization researchers
should strive to enhance the usage of hard consumer metrics such as churn, retention,
basket size, purchase frequency, and lifetime value that connect to actual consumer

Method # of studies (%) (n 5 184)*

Conceptual 13 (7.07%)
Experiment 104 (56.52%)

Lab experiment 31 (16.85%)
Online experiment 36 (19.57%)
Field experiment 24 (13.04%)
Experiment (not specified) 13 (7.07%)

Survey 39 (21.20%)
Field survey 4 (2.17%)
Online survey 25 (13.59%)
Mail survey 7 (3.80%)
Survey (not specified) 3 (1.63%)

Website content/data analysis 8 (4.35%)
Interview 6 (3.26%)
Literature review 6 (3.26%)
Case study 2 (1.09%)
Fuzzy set qualitative comparative analysis (fsQCA) 2 (1.09%)
Text mining 1 (0.54%)
Simulation 1 (0.54%)
Critical incident techniques 1 (0.54%)
fMRI (neural experiment) 1 (0.54%)

Note(s): *Whilewe systematically reviewed 135 articles, the numbers in this table refer to studieswithin these
articles. That is, a single article may contain more than one study

Table 8.
Empirical methods in

personalization
research
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behaviors. Moreover, the connection of consumer metrics with financial metrics at the firm
level is necessary to (dis)confirm the effectiveness of personalization efforts to boost the
financial performance. Initial practitioner research seems to suggest a positive connection
between personalization and firm financials. Specifically, a white paper by Forrester
Consulting (2020) reports successful personalization to lead to an average of 5.63%
increase in sales revenue, a 4.64% in consumers won, a 2.81% rise in consumer retention
rates, and a 2.57% improvement in average order value. If academic research can confirm
this return-on-personalization along with its boundary conditions (cf. the consumer-
related, industry-related, and personalization object-related heterogeneity discussed
above, along with its methodological underpinnings), this may further support firms in
expanding their personalization efforts. In connection, research is also needed to aid in
discerning “relevant” from “non-relevant” personalization efforts. For online (retargeted)
ads, for instance, annual losses to digital ad fraud range from $6.5 billion to $19 billion
(Benes, 2019). As such, industry is in high need of methods and metrics that help discern
relevant from wasted personalization efforts and investments.

Next to a focus on financial metrics, personalization research may also expand to
incorporate a focus on consumer and societal well-being in general. To date, a limited set of
research papers like Fan and Poole (2006 – psychological and social welfare) and Lee et al.
(2011 – personal and social welfare) incorporate somewell-being aspect. As personalization is
a rapidly growing business practice that is impacting consumers globally, its impact on a
broader set of individually and socially relevant outcomes related to well-being and
sustainability is critical (Ostrom et al., 2021). Personalization researcher should thus strongly
consider expanding their set of measured outcomes beyond the typical perceptual metrics
employed in marketing research.

Dealing with legal/ethical challenges
Legal frameworks like Europe’s GDPR, Brazil’s Lei Geral de Proteçao de Dados (LGPD),
the California Consumer Privacy Act (CCPA), South Korea’s Personal Information
Protection Act, and India’s Personal Data Protection Bill may limit and regulate the
collection and/or use of consumer data. Since many personalization initiatives are driven
by and based on individual-level consumer data, these legislations may thus

Outcomes No. of studies %

Consumer intentions 83 40.10%
Purchase/continuance intentions 56 27.05%
Click-through intentions 17 8.21%
Word-of-mouth intentions 7 3.38%
Intentions to disclose information 3 1.45%

Consumer behaviors 38 18.36%
Acceptance of personalization 7 3.38%
Resistance to personalization 6 2.90%
Other behaviors (e.g. click-through, rating behavior, . . .) 25 12.08%

Consumer attitudes 14 6.76%
Consumer satisfaction 14 6.76%
Service/product quality 13 6.28%
Trust 6 2.90%
Perceived privacy risk 4 1.93%
Other 35 16.91%

Note(s): This table is based on the empirical studies included in the dataset. One study may incorporate
multiple outcomes, resulting in 207 outcomes

Table 9.
Evaluation metrics
employed in
personalization
research
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significantly affect a firm’s ambitions and success regarding personalized offerings.
Several firms – such as Google – are already anticipating for these legislative changes
with FLoC as a privacy-preserving mechanism and hence contribute to the deprecation
of third-party cookies. Thomaz et al. (2020) contend that, in next five to ten years, firms
will lose much of their ability to fuel modern marketing practices that heavily rely on
abundant, rich, and timely consumer data because of privacy focus of consumers as well
as governments. This calls for urgent researchers’ attention to develop an
understanding of how organization would be able to learn about consumer
preferences as a result of different legal bindings in different regions of the world,
and how this will impact consumer and firm outcomes accordingly.

Given legal discrepancies, researchers will also need to consider how policy differences
across geographical regions (e.g. Asian countries vs USA states vs Europe) affect firms
operating globally, how this influences personalization strategies and whether different
regions will be confronted with different learning and tailoring practices. Asmore consumers
buy globally today, perceived regulations one’s home-country may also warry-over, and
affect how they perceive, prefer and deal with personalization practices from firms outside
their home-country. Researchers will thus need to consider any such differences caused by
governmental interference.

Implications for practice
This personalization review provides practitioners with a new lens to evaluate their take on
personalization. Specifically, managers may use our synthesis to assess what they are
currently doing in relation to the different personalization building blocks and components,
assess how these go together and evaluate whether improvements are possible to enhance the
success of personalization activities. It may also lead to careful reflections in relation to
personalization – e.g. is our current manner of learning fitting with our current consumer
base? What touchpoints could be personalized additionally?

Second, the recognition of personalization entailing various components pushes firms to
think about the interaction between the various components. We refrain from putting forth
“winning combinations” of the personalization components as these are dependent upon the
context (e.g. legal restrictions such as Europe’s GDPR) and firm characteristics (e.g. in-house
technological skills). From current trends, however, it is clear is that firms need to invest more
strongly to deliver in-the-moment personalized interactions, while accounting for concerns
about data misusage and an increasingly challenging legal environment limiting data usage.

Third, at no point should firms lose track of how their consumer base is open to
personalization, andwhether a segmented approachmay be needed to address varying levels
of looked-after personalization – highly personalized touchpoint may not always be desired,
needed and/or (financially) effective. Additionally, firms need to take consumers’ desire for
transparency and privacy into consideration when implementing the different building
blocks of a personalization strategy, for instance by opting for explicit vs implicit learning.
Our synthesismay help firms to streamline their strategies for personalized offeringswith the
various conditions that lead to desired (behavioral) outcomes.

Concluding notes
While personalization research has been around for 50 years, the topic has surged in the last
two years in conjunction with the novel possibilities AI is offering. To consolidate, structure
and advance our knowledge, this article sought to deliver 3 contributions. First, we
systematically reviewed 135 personalization studies and uncovered six personalization
components that can be linked to two personalization building blocks: (1) learning: manner,
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transparency, and timing and (2) tailoring: touchpoints, level, and dynamics. Specifically, these
building blocks and their components help researchers and managers to better understand
and manage personalization which is a necessary condition to move this field forward.
Second, for each of these components, various future research directions were put forth to
stimulate further work. Finally, a set of considerations – accounting for heterogeneity,
methodological innovation, theoretical embeddedness, adopting financial and well-being
metrics, and preparing for legal challenges –wasmade on how to enhance the impact of novel
personalization research on academia and practice. We hope that our efforts to shape
thinking about personalization will help to strengthen this highly important area of research
and business practice. Moving forward and given that practitioners increasingly adopt a
nuanced view on personalization, it will be important to understand under what
circumstances personalization is a good business strategy and when it is not AQ: 7.

Note

1. The technical aspects underlying the day-to-day implementation of personalization extend beyond
the scope of this study, as other review studies exist in this area (e.g. Park et al. (2012) for an excellent
literature review on recommender systems and their underlying data mining techniques).

References

Accenture (2018), “Making it personal”, available at: https://www.accenture.com/_acnmedia/PDF-77/
Accenture-Pulse-Survey.pdf.

Adolphs, C. and Winkelmann, A. (2010), “Personalization research in e-commerce – a state of the art
review (2000–2008)”, Journal of Electronic Commerce Research, Vol. 114, pp. 326-341.

Adomavicius, D. and Tuzhilin, A. (2005), “Personalization technologies: a process-oriented
perspective”, Communications of the ACM, Vol. 486, pp. 83-90.

Aguirre, E., Mahr, D., Grewal, D., De Ruyter, K. and Wetzels, M. (2015), “Unraveling the
personalization paradox: the effect of information collection and trust-building strategies on
online advertisement effectiveness”, Journal of Retailing, Vol. 911, pp. 34-49.

Aguirre, E., Roggeveen, A.L., Grewal, D. and Wetzels, M. (2016), “The personalization-privacy
paradox: implications for new media”, Journal of Consumer Marketing, Vol. 332, pp. 98-110.

Arora, N., Dreze, X., Ghose, A., Hess, J.D., Iyengar, R., Jing, B., Joshi, Y., Kumar, V., Lurie, N., Neslin, S.,
Sajeesh, S., Su, M., Syam, N., Thomas, J. and Zhang, Z.J. (2008), “Putting one-to-one marketing to
work: personalization, customization, and choice”, Marketing Letters, Vol. 19 No. 3-4, pp. 305-321.

Awad, N.F. and Krishnan, M.S. (2006), “The personalization privacy paradox: an empirical evaluation
of information transparency and the willingness to be profiled online for personalization”, MIS
Quarterly, Vol. 301, pp. 13-28.

Baier, D. and Rese, A. (2020), “How to increase multichannel shopping satisfaction? An adapted kano
based stage-gate approach to select new technologies”, Journal of Retailing and Consumer
Services, Vol. 56, 102172.

Bang, H., Choi, D., Wojdynski, B.W. and Lee, Y.-I. (2019), “How the level of personalization affects the
effectiveness of personalized ad messages: the moderating role of narcissism”, International
Journal of Advertising, Vol. 388, pp. 1116-1138.

Bansal, G., Zahedi, F.M. and Gefen, D. (2016), “Do context and personality matter? Trust and privacy
concerns in disclosing private information online”, Information and Management,
Vol. 531, pp. 1-21.

Barrett, L.F., Adolphs, R., Marsella, S., Martinez, A.M. and Pollak, S.D. (2019), “Emotional expressions
reconsidered: challenges to inferring emotion from human facial movements”, Psychological
Science in the Public Interest, Vol. 201, pp. 1-68.

JOSM ▪ JOSM-10-2021-0405_proof ▪ 4 June 2022 ▪ 3:37 am

JOSM

Delta:28_Park <italic>et al</italic>. (2012)
Original text:
Inserted Text
Park et al. (2012)




Benes, R. (2019), “Five charts: the state of ad fraud”, available at: https://www.emarketer.com/content/
five-charts-the-state-of-ad-fraud.

Benlian, A. (2015), “Web personalization cues and their differential effects on user assessments of
website value”, Journal of Management Information Systems, Vol. 321, pp. 225-260.

Bleier, A., De Keyser, A. and Verleye, K. (2018), “Customer engagement through personalization and
customization”, in Palmatier, R.W., Kumar, V. and Harmeling, C.M. (Eds), Customer
Engagement Marketing, Springer International Publishing, Cham, pp. 75-94.

Boerman, S.C., Kruikemeier, S. and Borgesius, F.J.Z. (2017), “Online behavioral advertising: a literature
review and research agenda”, Journal of Advertising, Vol. 463, pp. 363-376.

Broadridge (2021), “Engaging the savvy consumer”, 2021 CX insights, available at: https://www.
broadridge.com/_assets/pdf/broadridge-communication-cx-study-2021-report.pdf.

Chung, T.S., Rust, R.T. and Wedel, M. (2009), “My mobile music: an adaptive personalization system
for digital audio players”, Marketing Science, Vol. 281, pp. 52-68.

Chung, T.S., Wedel, M. and Rust, R.T. (2016), “Adaptive personalization using social networks”,
Journal of the Academy of Marketing Science, Vol. 441, pp. 66-87.

Cisco (2020), “Protecting data privacy to maintain digital trust”, Consumer privacy survey 2020,
available at: https://www.cisco.com/c/dam/en_us/about/doing_business/trust-center/docs/
cybersecurity-series-2020-cps.pdf.

Dantas, D.C. and Carrillat, F. (2013), “The relational benefits of personalized communications in an
online environment”, Canadian Journal of Administrative Sciences/Revue Canadienne des
Sciences de l’Administration, Vol. 303, pp. 189-202.

De Keyser, A., Bart, Y., Gu, X., Liu, S.Q., Robinson, S.G. and Kannan, P.K. (2021), “Opportunities and
challenges of using biometrics for business: developing a research agenda”, Journal of Business
Research, Vol. 136, pp. 52-62.

De Keyser, A., K€ocher, S., Alkire, L., Verbeeck, C. and Kandampully, J. (2019), “Frontline service
technology infusion: conceptual archetypes and future research directions”, Journal of Service
Management, Vol. 301, pp. 156-183.

De Keyser, A., Verleye, K., Lemon, K.N., Keiningham, T.L. and Klaus, P. (2020), “Moving the customer
experience field forward: introducing the touchpoints, context, qualities (TCQ) nomenclature”,
Journal of Service Research, Vol. 234, pp. 433-455.

Decock, S., De Clerck, B., Lybaert, C. and Plevoets, K. (2020), “Testing the various guises of
conversational human voice: the impact of formality and personalization on customer outcomes
in online complaint management”, Journal of Internet Commerce, Vol. 201, pp. 1-24.

Deng, S., Tan, C.-W., Wang, W. and Pan, Y. (2019), “Smart generation system of personalized
advertising copy and its application to advertising practice and research”, Journal of
Advertising, Vol. 484, pp. 356-365.

Dub�e, J.-P., Fang, Z., Fong, N. and Luo, X. (2017), “Competitive price targeting with smartphone
coupons”, Marketing Science, Vol. 366, pp. 944-975.

Dynamic Yield (2020), “The state of personalization maturity in 2020”, available at: https://www.
dynamicyield.com/files/research/personalization-maturity-report-2020.pdf.

Epasto, A., Mu~noz Medina, A., Avery, S., Bai, Y., Busa-Fekete, R., Carey, C.J., Gao, Y., Guthrie, D.,
Ghosh, S., Ioannidis, J., Jiao, J., Lacki, J., Lee, J., Mauser, A., Milch, B., Mirrokni, V.,
Ravichandran, D., Shi, W., Spero, M., Sun, Y., Syed, U., Vassilvitskii, S. and Wang, S. (2021),
“Clustering for private interest-based advertising”, Proceedings of the 27th ACM SIGKDD
Conference on Knowledge Discovery and Data Mining.

Fan, H. and Poole, M.S. (2006), “What is personalization? Perspectives on the design and
implementation of personalization in information systems”, Journal of Organizational
Computing and Electronic Commerce, Vol. 16 No. 3 and 4, pp. 179-202.

JOSM ▪ JOSM-10-2021-0405_proof ▪ 4 June 2022 ▪ 3:37 am

Research on
personalization



Forrester Consulting (2020), “Personalization demystified: enchant your customers by going from
good to great”, available at: https://www.ibm.com/downloads/cas/MKZ12E3Y.

Gartner (2019), “Gartner predicts 80% of marketers will abandon personalization efforts by 2025”,
available at: https://www.gartner.com/en/newsroom/press-releases/2019-12-02-gartner-predicts-
80–of-marketers-will-abandon-person.

Ghose, A. and Todri-Adamopoulos, V. (2016), “Toward a digital attribution model: measuring the
impact of display advertising on online consumer behavior”, MIS Quarterly, Vol. 404,
pp. 889-910.

Gironda, J.T. and Korgaonkar, P.K. (2018), “Ispy? Tailored versus invasive ads and consumers’
perceptions of personalized advertising”, Electronic Commerce Research and Applications,
Vol. 29, pp. 64-77.

Glushko, R.J. and Nomorosa, K.J. (2012), “Substituting information for interaction: a framework for
personalization in service encounters and service systems”, Journal of Service Research,
Vol. 161, pp. 21-38.

Gretzel, U. and Fesenmaier, D.R. (2006), “Persuasion in recommender systems”, International Journal
of Electronic Commerce, Vol. 112, pp. 81-100.

Grewal, D., Kroschke, M., Mende, M., Roggeveen, A.L. and Scott, M.L. (2020), “Frontline cyborgs at
your service: how human enhancement technologies affect customer experiences in retail, sales,
and service settings”, Journal of Interactive Marketing, Vol. 51, pp. 9-25.

Grosso, M., Castaldo, S., Li, H. and Larivi�ere, B. (2020), “What information do shoppers share? The
effect of personnel-, retailer-, and country-trust on willingness to share information”, Journal of
Retailing, Vol. 964, pp. 524-547.

Guo, X., Zhang, X. and Sun, Y. (2016), “The privacy–personalization paradox in mhealth services
acceptance of different age groups”, Electronic Commerce Research and Applications, Vol. 16,
pp. 55-65.

Hamilton, R., Ferraro, R., Haws, K.L. and Mukhopadhyay, A. (2020), “Traveling with companions: the
social customer journey”, Journal of Marketing, Vol. 851, pp. 68-92.

Harvard Business Review Analytic Services (2018), “The age of personalization: crafting a finer edge”,
available at: https://hbr.org/resources/pdfs/comm/mastercard/TheAgeOfPersonalization.pdf.

Henkens, B., Verleye, K. and Larivi�ere, B. (2021), “The smarter, the better?! Customer well-being,
engagement, and perceptions in smart service systems”, International Journal of Research in
Marketing, Vol. 382, pp. 425-447.

Hess, N.J., Kelley, C.M., Scott, M.L., Mende, M. and Schumann, J.H. (2020), “Getting personal in public!?
How consumers respond to public personalized advertising in retail stores”, Journal of Retailing,
Vol. 963, pp. 344-361.

Ho, S.Y., Bodoff, D. and Tam, K.Y. (2011), “Timing of adaptive web personalization and its effects on
online consumer behavior”, Information Systems Research, Vol. 223, pp. 660-679.

Huang, M.-H. and Rust, R.T. (2021), “A strategic framework for artificial intelligence in marketing”,
Journal of the Academy of Marketing Science, Vol. 491, pp. 30-50.

IBM (2020), “Lessons in personalization from the retail industry”, Vol. 30, p. 3, available at: https://
www.ibm.com/blogs/services/2020/09/30/3-lessons-in-personalization-from-the-retail-industry/.

Jaakkola, E. and Terho, H. (2021), “Service journey quality: conceptualization, measurement and
customer outcomes”, Journal of Service Management, Vol. 326, pp. 1-27.

Jain, A.K., Ross, A.A. and Nandakumar, K. (2011), Introduction to Biometrics, Springer, London.

Kang, J.-W. and Namkung, Y. (2019), “The role of personalization on continuance intention in food
service mobile apps”, International Journal of Contemporary Hospitality Management, Vol. 312,
pp. 734-752.

Kim, H.Y., Song, J.H. and Lee, J.-H. (2019a), “When are personalized promotions effective? The role of
consumer control”, International Journal of Advertising, Vol. 384, pp. 628-647.

JOSM ▪ JOSM-10-2021-0405_proof ▪ 4 June 2022 ▪ 3:37 am

JOSM



Kim, T., Barasz, K. and John, L.K. (2019b), “Why am i seeing this ad? The effect of ad transparency on
ad effectiveness”, Journal of Consumer Research, Vol. 455, pp. 906-932.

Koch, O.F. and Benlian, A. (2015), “Promotional tactics for online viral marketing campaigns: how
scarcity and personalization affect seed stage referrals”, Journal of Interactive Marketing,
Vol. 32, pp. 37-52.

Kranzb€uhler, A.-M., Kleijnen, M.H.P., Morgan, R.E. and Teerling, M. (2018), “The multilevel nature of
customer experience research: an integrative review and research agenda”, International
Journal of Management Reviews, Vol. 202, pp. 433-456.

Kubicka, A. (2016), “Personalized information management by online stores in 4c model. Case study”,
Foundations of Management, Vol. 81, pp. 53-68.

Kumar, V., Rajan, B., Venkatesan, R. and Lecinski, J. (2019), “Understanding the role of artificial
intelligence in personalized engagement marketing”, California Management Review, Vol. 614,
pp. 135-155.

Kwon, K. and Kim, C. (2012), “How to design personalization in a context of customer retention: who
personalizes what and to what extent?”, Electronic Commerce Research and Applications,
Vol. 112, pp. 101-116.

Lee, D.J., Ahn, J.-H. and Bang, Y. (2011), “Managing consumer privacy concerns in personalization: a
strategic analysis of privacy protection”, MIS Quarterly, Vol. 352, pp. 423-444.

Leischnig, A., Kasper-Brauer, K. and Thornton, S.C. (2018), “Spotlight on customization: an analysis of
necessity and sufficiency in services”, Journal of Business Research, Vol. 89, pp. 385-390.

Li, C. (2019), “Message-to-person versus person-to-message: an alternative way to conceptualize
personalized advertising”, Psychology and Marketing, Vol. 3612, pp. 1237-1248.

Li, J., Luo, X., Lu, X. and Moriguchi, T. (2021), “The double-edged effects of e-commerce
cart retargeting: does retargeting too early backfire?”, Journal of Marketing, Vol. 854,
pp. 123-140.

Liang, T.-P., Lai, H.-J. and Ku, Y.-C. (2006), “Personalized content recommendation and user
satisfaction: theoretical synthesis and empirical findings”, Journal of Management Information
Systems, Vol. 233, pp. 45-70.

Libai, B., Bart, Y., Gensler, S., Hofacker, C.F., Kaplan, A., K€otterheinrich, K. and Kroll, E.B. (2020),
“Brave new world? On ai and the management of customer relationships”, Journal of Interactive
Marketing, Vol. 51, pp. 44-56.

Liebman, E., Saar-Tsechansky, M. and Stone, P. (2019), “The right music at the right time: adaptive
personalized playlists based on sequence modeling”, MIS Quarterly, Vol. 433, pp. 765-786.

Longoni, C., Bonezzi, A. and Morewedge, C.K. (2019), “Resistance to medical artificial intelligence”,
Journal of Consumer Research, Vol. 464, pp. 629-650.

Mccoy, M. and Hargie, O. (2007), “Effects of personalization and envelope color on response rate, speed
and quality among a business population”, Industrial Marketing Management, Vol. 366,
pp. 799-809.

Moeller, S., Ciuchita, R., Mahr, D., Odekerken-Schr€oder, G. and Fassnacht, M. (2013), “Uncovering
collaborative value creation patterns and establishing corresponding customer roles”, Journal of
Service Research, Vol. 164, pp. 471-487.

Montgomery, A.L. and Smith, M.D. (2009), “Prospects for personalization on the internet”, Journal of
Interactive Marketing, Vol. 232, pp. 130-137.

Morimoto, M. (2020), “Privacy concerns about personalized advertising across multiple social media
platforms in Japan: the relationship with information control and persuasion knowledge”,
International Journal of Advertising, pp. 1-21.AQ : 8

Murray, K.B. and H€aubl, G. (2009), “Personalization without interrogation: towards more effective
interactions between consumers and feature-based recommendation agents”, Journal of
Interactive Marketing, Vol. 232, pp. 138-146.

JOSM ▪ JOSM-10-2021-0405_proof ▪ 4 June 2022 ▪ 3:37 am

Research on
personalization



Murthi, B.P.S. and Sarkar, S. (2003), “The role of the management sciences in research on
personalization”, Management Science, Vol. 4910, pp. 1344-1362.

Nath, P. and Mckechnie, S. (2016), “Task facilitative tools, choice goals, and risk averseness: a process-
view study of e-stores”, Journal of Business Research, Vol. 695, pp. 1572-1576.

Neuhofer, B., Buhalis, D. and Ladkin, A. (2015), “Smart technologies for personalized experiences: a
case study in the hospitality domain”, Electronic Markets, Vol. 253, pp. 243-254.

Neumann, N., Tucker, C.E. and Whitfield, T. (2019), “Frontiers: how effective is third-party consumer
profiling? Evidence from field studies”, Marketing Science, Vol. 386, pp. 918-926.

Nilashi, M., Jannach, D., Ibrahim, O.B., Esfahani, M.D. and Ahmadi, H. (2016), “Recommendation
quality, transparency, and website quality for trust-building in recommendation agents”,
Electronic Commerce Research and Applications, Vol. 19, pp. 70-84.

Ostrom, A.L., Field, J.M., Fotheringham, D., Subramony, M., Gustafsson, A., Lemon, K.N., Huang, M.-H.
and Mccoll-Kennedy, J.R. (2021), “Service research priorities: managing and delivering service in
turbulent times”, Journal of Service Research, Vol. 243, pp. 329-353.

Pappas, I.O. (2018), “User experience in personalized online shopping: a fuzzy-set analysis”, European
Journal of Marketing, Vol. 52 No. 7/8, pp. 1679-1703.

Pappas, I.O., Kourouthanassis, P.E., Giannakos, M.N. and Chrissikopoulos, V. (2016), “Explaining
online shopping behavior with FSQCA: the role of cognitive and affective perceptions”, Journal
of Business Research, Vol. 692, pp. 794-803.

Park, D.H., Kim, H.K., Choi, I.Y. and Kim, J.K. (2012), “A literature review and classification of
recommender systems research”, Expert Systems with Applications, Vol. 3911, pp. 10059-10072.

Pfiffelmann, J., Dens, N. and Soulez, S. (2020), “Personalized advertisements with integration of names
and photographs: an eye-tracking experiment”, Journal of Business Research, Vol. 111,
pp. 196-207.

Piccoli, G., Lui, T.-W. and Gr€un, B. (2017), “The impact of it-enabled customer service systems on
service personalization, customer service perceptions, and hotel performance”, Tourism
Management, Vol. 59, pp. 349-362.

Riegger, A.-S., Klein, J.F., Merfeld, K. and Henkel, S. (2021), “Technology-enabled personalization in
retail stores: understanding drivers and barriers”, Journal of Business Research, Vol. 123,
pp. 140-155.

Sahni, N.S., Wheeler, S.C. and Chintagunta, P. (2018), “Personalization in email marketing: the role of
noninformative advertising content”, Marketing Science, Vol. 372, pp. 236-258.

Salem, M.Z., Baidoun, S. and Walsh, G. (2019), “Factors affecting Palestinian customers’ use of online
banking services”, International Journal of Bank Marketing, Vol. 372, pp. 426-451.

Salonen, V. and Karjaluoto, H. (2016), “Web personalization: the state of the art and future avenues for
research and practice”, Telematics and Informatics, Vol. 334, pp. 1088-1104.

Segment.io (2021), “The state of personalization 2021”, available at: https://gopages.segment.com/rs/
667-MPQ-382/images/State-of-personalization-report_reduced.pdf.

Shehu, E., Abou Nabout, N. and Clement, M. (2021), “The risk of programmatic advertising: effects of
website quality on advertising effectiveness”, International Journal of Research in Marketing,
Vol. 383, pp. 663-677.

Shen, A. and Ball, A. (2009), “Is personalization of services always a good thing? Exploring the role of
technology-mediated personalization (TMP) in service relationships”, Journal of Services
Marketing, Vol. 232, pp. 79-91.

Simonson, I. (1990), “The effect of purchase quantity and timing on variety-seeking behavior”, Journal
of Marketing Research, Vol. 272, pp. 150-162.

SmarterHQ (2019), “Privacy and personalization”, available at: https://c.smarterhq.com/resources/
Privacy-Personalization-Report.pdf?mtime520200616175059andfocal5none.

JOSM ▪ JOSM-10-2021-0405_proof ▪ 4 June 2022 ▪ 3:37 am

JOSM



Smink, A.R., Van Reijmersdal, E.A., Van Noort, G. and Neijens, P.C. (2020), “Shopping in augmented
reality: the effects of spatial presence, personalization and intrusiveness on app and brand
responses”, Journal of Business Research, Vol. 118, pp. 474-485.

Snyder, H. (2019), “Literature review as a research methodology: an overview and guidelines”, Journal
of Business Research, Vol. 104, pp. 333-339.

Song, J.H., Kim, H.Y., Kim, S., Lee, S.W. and Lee, J.-H. (2016), “Effects of personalized e-mail messages on
privacy risk: moderating roles of control and intimacy”, Marketing Letters, Vol. 271, pp. 89-101.

Sridhar, S. and Fang, E. (2019), “New vistas for marketing strategy: digital, data-rich, and
developing market (d3) environments”, Journal of the Academy of Marketing Science,
Vol. 476, pp. 977-985.

Strycharz, J., Van Noort, G., Helberger, N. and Smit, E. (2019), “Contrasting perspectives –
practitioner’s viewpoint on personalised marketing communication”, European Journal of
Marketing, Vol. 534, pp. 635-660.

Sunikka, A. and Bragge, J. (2012), “Applying text-mining to personalization and customization
research literature – who, what and where?”, Expert Systems with Applications, Vol. 3911,
pp. 10049-10058.

Surprenant, C.F. and Solomon, M.R. (1987), “Predictability and personalization in the service
encounter”, Journal of Marketing, Vol. 512, pp. 86-96.

Tam, K.Y. and Ho, S.Y. (2005), “Web personalization as a persuasion strategy: an elaboration
likelihood model perspective”, Information Systems Research, Vol. 163, pp. 271-291.

Taylor, D.G., Davis, D.F. and Jillapalli, R. (2009), “Privacy concern and online personalization: the
moderating effects of information control and compensation”, Electronic Commerce Research,
Vol. 93, pp. 203-223.

Thirumalai, S. and Sinha, K.K. (2009), “Customization strategies in electronic retailing: implications of
customer purchase behavior”, Decision Sciences, Vol. 401, pp. 5-36.

Thirumalai, S. and Sinha, K.K. (2013), “To personalize or not to personalize online purchase
interactions: implications of self-selection by retailers”, Information Systems Research, Vol. 243,
pp. 683-708.

Thomaz, F., Salge, C., Karahanna, E. and Hulland, J. (2020), “Learning from the dark web: leveraging
conversational agents in the era of hyper-privacy to enhance marketing”, Journal of the
Academy of Marketing Science, Vol. 481, pp. 43-63.

Tojib, D. and Khajehzadeh, S. (2014), “The role of meta-perceptions in customer complaining
behavior”, European Journal of Marketing, Vol. 48, pp. 1536-1556.

Tong, S., Luo, X. and Xu, B. (2020), “Personalized mobile marketing strategies”, Journal of the
Academy of Marketing Science, Vol. 481, pp. 64-78.

Torrico, H.B. and Frank, B. (2017), “Consumer desire for personalisation of products and services:
cultural antecedents and consequences for customer evaluations”, Total Quality Management
and Business Excellence, Vol. 30 No. 3-4, pp. 355-369.

Tran, T.P., Lin, C.-W., Baalbaki, S. and Guzm�an, F. (2020a), “How personalized advertising affects
equity of brands advertised on Facebook? A mediation mechanism”, Journal of Business
Research, Vol. 120, pp. 1-15.

Tran, T.P., Van Solt, M. and Zemanek, J.E. Jr (2020b), “How does personalization affect brand
relationship in social commerce? A mediation perspective”, Journal of Consumer Marketing,
Vol. 375, pp. 473-486.

Tran, T.P., Muldrow, A. and Ho, K.N.B. (2021), “Understanding drivers of brand love – the role of
personalized ads on social media”, Journal of Consumer Marketing, Vol. 381, pp. 1-14.

Tranfield, D., Denyer, D. and Smart, P. (2003), “Towards a methodology for developing evidence-
informed management knowledge by means of systematic review”, British Journal of
Managemen, Vol. 14, pp. 207-222.

JOSM ▪ JOSM-10-2021-0405_proof ▪ 4 June 2022 ▪ 3:37 am

Research on
personalization



Tucker, C.E. (2014), “Social networks, personalized advertising, and privacy controls”, Journal of
Marketing Research, Vol. 515, pp. 546-562.

Van Den Broeck, E., Poels, K. and Walrave, M. (2020), “How do users evaluate personalized Facebook
advertising? An analysis of consumer- and advertiser controlled factors”, Qualitative Market
Research: An International Journal, Vol. 232, pp. 309-327.

Verhulst, N., De Keyser, A., Gustafsson, A., Shams, P. and Van Vaerenbergh, Y. (2019), “Neuroscience
in service research: an overview and discussion of its possibilities”, Journal of Service
Management, Vol. 305, pp. 621-649.

Vesanen, J. (2007), “What is personalization? A conceptual framework”, European Journal of
Marketing, Vol. 41 No. 5/6, pp. 409-418.

Vesanen, J. and Raulas, M. (2006), “Building bridges for personalization: a process model for
marketing”, Journal of Interactive Marketing, Vol. 201, pp. 5-20.

Wang, W. and Benbasat, I. (2016), “Empirical assessment of alternative designs for enhancing
different types of trusting beliefs in online recommendation agents”, Journal of Management
Information Systems, Vol. 333, pp. 744-775.

Wattal, S., Telang, R., Mukhopadhyay, T. and Boatwright, P. (2012), “What’s in a ‘name’? Impact of
use of customer information in e-mail advertisements”, Information Systems Research, Vol. 23
No. 3-Part-1, pp. 679-697.

Wedel, M. and Kannan, P.K. (2016), “Marketing analytics for data-rich environments”, Journal of
Marketing, Vol. 806, pp. 97-121.

Whang, C. and Im, H. (2018), “Does recommendation matter for trusting beliefs and trusting intentions?
Focused on different types of recommender system and sponsored recommendation”,
International Journal of Retail and Distribution Management, Vol. 4610, pp. 944-958.

Wierich, R. and Zielke, S. (2014), “How retailer coupons increase attitudinal loyalty – the impact of
three coupon design elements”, European Journal of Marketing, Vol. 48 No. 3/4, pp. 699-721.

Wishpond (2022), “[Infographic 7 incredible retargeting ad stats]”, available at: https://blog.wishpond.
com/post/97225536354/infographic-7-incredible-retargeting-ad-stats.

Yun, J.H., Lee, E.J. and Kim, D.H. (2021), “Behavioral and neural evidence on consumer responses to
human doctors and medical artificial intelligence”, Psychology and Marketing. AQ: 9

Zarouali, B., Poels, K., Walrave, M. and Ponnet, K. (2019), “The impact of regulatory focus on
adolescents’ evaluation of targeted advertising on social networking sites”, International
Journal of Advertising, Vol. 382, pp. 316-335.

Zhang, X., Qiao, S., Yang, Y. and Zhang, Z. (2020), “Exploring the impact of personalized
management responses on tourists’ satisfaction: a topic matching perspective”, Tourism
Management, Vol. 76. AQ: 10

Further reading AQ: 12

Choi, J., Lee, H.J. and Kim, H.-W. (2017), “Examining the effects of personalized app recommender
systems on purchase intention: a self and social-interaction perspective”, Journal of Electronic
Commerce Research, Vol. 181, pp. 73-102.

Appendix
The Appendices for this article can be found online.

About the authors
Khalid Mehmood is PhD Candidate at the Department of Marketing (KU Leuven) and the Center for
Service Intelligence (Ghent University), Belgium. Khalid is passionate about service research, with a
specific focus on personalization and customer experience. KhalidMehmood is the corresponding author
and can be contacted at: khalid.mehmood@ugent.be AQ: 4

JOSM ▪ JOSM-10-2021-0405_proof ▪ 4 June 2022 ▪ 3:37 am

JOSM

Delta:34_a 
Original text:
Inserted Text
a 




Katrien Verleye is Assistant Professor of Service Innovation at the Center for Service Intelligence,
Ghent University, Belgium. Within the domain of service innovation, her main research interests relate
to engagement, co-creation, and legitimation in networks/ecosystems. Katrien’s research is published
in – among others – the Journal of Service Research, Journal of Business Research, Journal of Product
Innovation Management, International Journal of Research in Marketing, and Journal of Service
Management. She serves on the editorial boards of the Journal of Service Research, Journal of Service
Management and the Journal of Service Theory and Practice.

Arne De Keyser is Associate Professor of Marketing at EDHEC Business School (France). His
research focuses on customer experience, service recovery and frontline service technology. Arne has
published articles in the Journal of Service Research, International Journal of Research in Marketing,
Journal of Business Research, Journal of Service Management and the Journal of Service Theory and
Practice. He haswon numerous research and teaching awards, including the SERVSIGBest Dissertation
Award and the Journal of Service Research best paper award (2019). Arne serves on the editorial boards
of the Journal of Service Research, Journal of Business Research, Journal of Service Management and the
Journal of Service Theory and Practice.

Bart Lariviere is Associate Professor of Marketing at KU Leuven (Belgium) and Research Fellow at
the Center for Service Intelligence (Ghent University). He holds a PhD degree from Ghent University.
Bart’s research focuses on the role of customers, employees and technology in service encounters. Bart is
passionate about both service marketing and digital marketing. Bart has also served as co-chair of the
Service Research Special Interest Group (SERVSIG) of the American Marketing Association (AMA) and
Research Editor for the Journal of Service Management. His research received best paper and highly
commended paper awards from the Journal of Service Research, the Journal of Service Management, and
the Journal of Service Theory and Practice. He also published in the Journal of Marketing Research, the
European Journal of Operational Research, the Journal of Business Research, Journal of Services
Marketing and the Journal of Interactive Marketing amongst others. He is co-founder of the Let’s Talk
About Service (LTAS)workshop that aims to introduce young scholars to thewonderful world of service
research and provide guidance for their PhD journey or early career. He received the best PhD Tutor
Award from Ghent University and was honored to receive the “Emerging Scholar Award” from the
American Marketing Association.

For instructions on how to order reprints of this article, please visit our website:
www.emeraldgrouppublishing.com/licensing/reprints.htm
Or contact us for further details: permissions@emeraldinsight.com

JOSM ▪ JOSM-10-2021-0405_proof ▪ 4 June 2022 ▪ 3:37 am

Research on
personalization


	JOSM-10-2021-0405_proof_JERD.pdf
	Piloting personalization research through data-rich environments: a literature review and future research agenda
	Introduction
	Methodology
	Literature search and selection
	Data analysis and synthesis

	Personalization: building blocks and components
	The learning building block of personalization
	The tailoring building block of personalization

	Personalization: future research avenues
	Research avenues linked to learning components
	Research avenues linked to tailoring components

	Enhancing the impact of personalization research
	Accounting for heterogeneity
	Embedding theoretical perspectives
	Infusing methodological innovation
	Adopting appropriate evaluation metrics
	Dealing with legal/ethical challenges

	Implications for practice
	Concluding notes
	Note
	References
	Further reading
	AppendixThe Appendices for this article can be found online.
	About the authors



