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Abstract
Building on career self-management perspectives stidy extends the literature on the link
between personality and income as an indicatobpgabive career success by tracking income over
time and by studying not only explicit but also imp personality constructs, separately and
integrated. Hypotheses on effects of explicit (Bige traits) and implicit (Big Three motives of
affiliation, power, and achievement) personalityimcome and income growth trajectories were
tested using a growth model that tracked income avkeyear time spam(= 311 participantk =
1,244 observations). Results revealed that incoadealpositive linear growth trajectory over time
and employees with higher scores on emotionallgiabind intellect had higher levels of income at
the starting point of the study. Emotional stapiind conscientiousness additionally predicted the
slope of the trajectory over the 4-year period. eownplicit affiliation was associated with more
income growth over time and implicit personalitggicted income growth beyond a model only
consisting of explicit personality. Results of tetsady broaden our understanding of predictors of
income growth and present a comprehensive overofdaxplicit/implicit) personality-income
relations over time. Both theoretical and practiogllications are discussed.
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Income is the most common and prominent indicat@bgective career success, which is
defined as the more observable part of accomplisksrane has accumulated as a result of work
experiences (Judge, Cable, Boudreau, & Bretz, 18§5Eby, Sorensen, & Feldman, 2005).
Research has long been interested in predictirgmecand income growth trajectories based on
employee characteristics, because income proviigduals with the necessary tools to invest in
non-work life aspects (Hirschi, Hermann, Nagy, &uf 2016) and informs organizations on which
employees are most valuable to them (Bowles, Gi&ti®sborne, 2001). Early research that
attempted to identify determinants of income levetsised primarily on institutional/structural
factors, like career systems (Judge & Bretz, 129 demographic variables, like gender or age
(Boudreau, Boswell, & Judge, 2001; Judge et aB5)19During the last two decades, more attention
has been given to the impact of behavioral stytesdaspositional variables (de Haro, Castejon, &
Gilar, 2013; Seibert & Kraimer, 2001; Sutin, Codthech, & Eaton, 2009n the way employees
shape their careers. Employees’ personality, fetaimce, might steer desirable career self-
management behaviors (Lent & Brown, 2013), for Whiwese individuals in turn can be rewarded
(Turban, Moake, Wu, & Cheung, 2016).

Our research aims to extend earlier work on petggniacome relations in three different
ways. First, given the dynamic nature of careeesfallow recent calls to study employees’ income
growth trajectories (Niel3 & Zacher, 2015; Sutiralet 2009). Indeed, personality-income relations
have typically used cross-sectional designs ogaesiith only two measurement occasions
(Boudreau et al., 2001; Bozionelos, 2004; Furnha@h&ng, 2013; Nyhus & Pons, 2005), thereby
neglecting its dynamic nature (Arthur, Khapova, 8dgrom, 2005). Considering the dynamic
nature of personality-job performance relation®yRart & Hakel, 1998), we urge that also
personality-income relations should be tracked grthwth modelgBliese & Ployhart, 2002).

Second, we further extend previous research oropalisy-income relations by studying both

explicit and implicit personalifyconstructs as predictors of income growth. Typycainly effects



of explicit personality traits have been studietlich are defined as “people’s stylistic and habitua
patterns of cognition, affect, and behavior” (Emm®0k089, p. 32). However, several researchers
argued that personality is not only explicit bigaaimplicit in nature (Brunstein & Maier, 2005;
Winter, John, Stewart, Klohnen, & Duncan, 1998wuhplicit motives as some of the most
investigated implicit personality constructs. Inggilimotives are described as affective preferences
that are aimed at the attainment of specific ces$éncentives (McClelland, Koestner, &
Weinberger, 1989; Schultheiss, 2008). Authors ommticalling for more studies investigating effects
of implicit motives on work-related outcomes astsowtives might be especially effective in
predicting behavioral trends over time, among witiareer success (Dietl, Meurs, & Blickle, 2017).
Our third aim is to study how an integrated maafedxplicit traits and implicit motives might
affect income growth trajectories. Earlier studaask an integrative perspective on personalityras a
antecedent of work behavior (Bing, LeBreton, Damiddigetz, & James, 2007; Kanfer, 2009;
McAdams, 1995; Winter et al., 1998). An integratadrdistinct personality constructs, like explicit
traits and implicit motives, is more likely to capt the complexity of behavior (Bing et al., 2007,
Lang, Zettler, Ewen, & Hulsheger, 2012), and mightespecially important for predicting dynamic
concepts such as career success and income givethis, whether people are able to achieve
career success over time is often determined bytarplay of decisions and behaviors during one’s
career (Ng et al., 2005) and both explicit trartd anplicit motives could affect these interactions
Taken together, the general aim of this study edwance literature on career success by
testing a dynamic income growth model on workexglieit/implicit personality. We specifically
aim to investigate (1) changes in individuals’ inmover time, (2) whether explicit traits and
implicit motives account for variability in individals’ income over time, and (3) whether the
integration of explicit and implicit personality @glvalue in predicting income growth trajectories.
Unique to this study is the integration of two olist personality constructs to predict income gtowt

trajectories, which —to the best of our knowledfas not been considered yet.



Theoretical Background

Income Growth Trajectories

When studying career success —and income in pkaticla temporal perspective more
comprehensively and realistically captures the ph@mon because careers and income levels are
unfolding processes over time (Judge & Hurst, 2008)en income is considered, it is further
assumed that people differ in their overall incdnagectory, which is a precondition for studying
individual differences in growth trajectories. mdiuals might have different starting points and/or
might have different trajectories over time (Judgknger, & Simon, 2010; Thoresen, Bradley,
Bliese, & Thoresen, 2004). A crucial factor in WestEuropean countries underlying salary is
employees’ age (Kuijpers, Schyns, & Scheerens, R0dtich offers older persons generally a
higher status in organizations and rewards them kigher wages through work experience.
However, considerable variance in salary trajeetohias been left unexplained by only studying
structural/institutional variables and recent reskeahifted attention towards ways in which
individuals are able to take their careers intartben hands (Sturges, Conway, & Liefooghe, 2010).
Career self-management (CSM) describes careeegigatthat increase the probability to achieve
career goals, like objective career success (Naf@5)1 A first way to achieve objective career
success is through strategies of networking, selfftion, negotiating, and seeking
guidance/mentoring, which all reflect the use dafialinteractions and networks as a way of creating
visibility and influencing career possibilities ¢, 2001; Sturges et al., 2010). Second, strategic
investments in human capital (through training,cadion, and feedback seeking behavior) may
further affect one’s job performance, which in team influence objective career success (King,
2004; Sturges et al., 2010). Finally, mobility-oied behavior (i.e., making plans to leave the
organization, collecting information about possitdeeer opportunities) is a third career stratbgy t
might affect employees’ objective career succetg¢8s et al., 2010).

Personality has been suggested to be a proxinedesent of these adaptive career behaviors



that might influence one’s career success (Lentrén, 2013; Turban et al., 2016) and therefore
may underlie variability in employees’ income grbvitajectories. Thus, by studying the dynamic
character of personality-income relations, insiglgained on how employees could self-manage
their career over time. In the next paragraph wa fliscuss explicit traits and implicit motives,
being two basic components of one’s personalitgnlive discuss their relation with both income
levels at the starting point of the study (lookatghe intercept in our data analyses) and income
growth trajectories (looking at the slope), follogithe structure of Thoresen et al. (2004) (see
Method section for a more detailed explanationndercepts and slopes). Last, we investigate the
integration of explicit traits and implicit motivés predicting income and income growth
trajectories.
Explicit and Implicit Personality: Traitsand Motives

It has long been recognized that individuals’ peadity is both explicit and implicit in nature
(Brunstein & Maier, 2005; Winter et al., 1998). Hxp personality has typically been
operationalized with explicit traits (like the Bigve model), whereas implicit personality has been
associated with the concept of implicit motivekdlthe Big Three of motives; see Lang et al., 2012;
Winter et al., 1998). This classification is rootadhe respective traits research tradition fouhlolg
Gordon Allport (1937) and the implicit motive resgatradition grounded in work of Henry Murray
(1938) and David McClelland (1980). Explicit traitae capturing ‘typical behavior’ or people’s
stylistic and habitual patterns of cognition, affesd behavior” (Emmons, 1989, p. 3)d hence
are considered to explain considerable consistanayperson’s behavior (Allport, 1937). These
traits are mostly measured using self-or peer-tepogstionnaires because of people’s self-
awareness and competency in reporting their exptagis (Winter et al., 1998). An explicit
personality model describing the most universaisr@nd holding the strongest structural validity
and comprehensiveness is Big Five Mode(Goldberg, 1981), consisting of the tragigraversion

conscientiousnesemotional stabilityintellect andagreeablenesgxtraversionis defined as being



warm, outgoing, energetic, and ambitious (Barrick&unt, 1991)Conscientiousness a trait that
describes people as being responsible, persisteyanized, and hardworking (Barrick & Mount,
1991).Emotional stabilityrepresents the tendency to be relaxed, calm,ratependent (Nyhus &
Pons, 2005)intellectis referred to as the extent to which people mginative, unconventional,
flexible, and intellectually oriented (Ng et alQ@5). Lastagreeablenests illustrated by being
cooperative, trusting, and caring (Barrick & Mout®91). There is extensive empirical research
suggesting that explicitly measured traits (likest from the Big Five) exhibit long-term stability
over time (Roberts & DelVecchio, 2000) and acragsmtons (Donnellan, Lucas, & Fleeson, 2009).
Implicit motives (Murray, 1938), on the other haadk viewed as affective preferences
related to one’s fundamental wishes and desirest@iet al., 1998) that are aimed at the
attainment of specific classes of incentives ardatboidance of specific classes of disincentives
(McClelland et al., 1989; Schultheiss, 2008). Baeaimplicit motives are largely inaccessible to
introspection, they are traditionally measurednectly, often by means of tests with free response
format (like the thematic apperception test; Mor§aklurray, 1935). Research on implicit motives
has mainly focused on the Big Three of motives,ciwhantail the three important common human
wishes and desires (Winter, 1987), nanadfiliation, achievemenandpower motivesTheimplicit
affiliation motiveconsists of a tendency towards warm, friendlytietes (Delbecq, House, de
Luque, & Quigley, 2013) and a deep desire for atznege and love (Schultheiss, 2008). Trelicit
achievement motivefers to a concern with excellence or a striiorgunique accomplishments.
Finally, theimplicit power motiveefers to a concern with having impact and autji@antexerting
influence on others’ actions or emotions (Delbetcgl.e 2013). In the earlier years of implicit mai
measurements, test-retest correlations were typical, suggesting a rather weak stability over
time (like with the thematic apperception test;\idate, 1972). Yet, a meta-analysis based on new
generations of motive measures (such as the Opdi@tinte Test; Kuhl & Scheffer, 1999), revealed

test-retest correlations similar to test-retestigalobserved for trait measures (Roberts &



DelVecchio, 2000; Schultheiss & Pang, 2007). Henua;h like explicit traits, implicit motives
have also been considered to be dispositionalblesi@Vinter et al., 1998).

Traits, motives, and income levels at the starting point of the study (inter cept). Several
studies already related explicit traits with incolesels. First, previous research points to
extraversionas a factor positively influencing income (de Hatal., 2013; Turban et al., 2016).
Extraverted individuals are better at self-promot{Gosta & McCrae, 1992), are often active in
joining organizational networks and thus createanasibility (Rode, Arthaud-Day, Mooney, Near,
& Baldwin, 2008). Second, regardiegnscientiousnesga, majority of studies indicate positive
relations with employees’ salary levels (Ng et 2005; Roberts, Jackson, Duckworth, & Von Culin,
2011), due to the facet of achievement orientatioicige, Higgins, Thoresen, & Barrick, 1999).
Conscientious individuals might be appreciated gibyrbecause their propensity to be organized
helps them manage their work quicker when enteraw work environments (Costa & McCrae,
1992). Third,emotional stabilityseemed to be the explicit trait that has been cwstistently linked
to variance in success at work, measured by pram®®nd pay level (Furnham & Cheng, 2013;
Mueller & Plug, 2006; Nyhus & Pons, 2005; Robettale 2011). Due to their higher levels of self-
confidence and lower levels of anxiety and nervessnemotionally stable individuals may be more
apt to mobility-oriented behavior, leading to higkarnings (Niel3 & Zacher, 2015). Lower
emotional stability also leads to lower visibilityorganizations because insecurity or negativecaff
will potentially reduce career sponsorship (Ngletz005). Fourthintellectwas found to be weakly
and positively related to salary levels (Ng et2005; Roberts et al., 2011). People with higher
scores on intellect often collect more completeeamformation because of levels of intellectual
orientation (Judge et al., 1999). In addition, teegk intellectual stimulation in their jobs thrbug
training, education, or by applying for more chafjang jobs, often on higher hierarchical levels
(Roberts et al., 2011). Due to their search foreftgvand new experiences, highly intellect

individuals are more prone to job hopping and elgpere more voluntary job transitions than others



(Wille, De Fruyt, & Feys, 2010), which leads to maregotiating opportunities for higher wages
(Perez & Sanz, 2005). Finally, studies regardiggeeableneskBave indicated that this trait is
negatively related to income and earnings (Judiygngston, & Hurst, 2012; Ng et al., 2005;
Roberts et al., 2011). Highly agreeable individuabsy not be sufficiently aggressive or lack
assertiveness in the salary negotiating processgif®et al., 2011) and may receive less
sponsorship as a result of being regarded as darcdasily manipulated (Ng et al., 2005). Given
previous findings on the relation of explicit tewith income levels, we posit that:

Hypothesis 1Big Five traits will predict income levels at thiaing point of the study

(intercept) such that higher scores on extraver@itira), conscientiousness (H1b), emotional

stability (H1c), and intellect (H1d), and lower se® on agreeableness (H1le) are associated

with higher initial income levels.

Compared to explicit traits, remarkably fewer stsdtonsidered relations of implicit motives
with employees’ income levels. First and althougihiimplicit affiliation can have a positive effect
in certain specific situations (e.g., it positiveisedicts task performance when combined with highe
scores on extraversion; Lang et al., 2012), werasghat higher scores on implicit affiliation will
likely lead to lower wages. The reason for thighe people higher in the implicit affiliation moeé
are less likely to negotiate wage-related concbeatswuse of their tendency to avoid conflict and
their difficulties with delivering feedback (Delleet al., 2013). Moreover, because high affiliation
oriented people focus more on a few deep relatipashkith others, they might be less likely to build
large networks and are more willing to settle i@itlcurrent position or environment to avoid
rejection and exclusion (Delbecq et al., 2013)ebu] high affiliation-oriented people might be more
averse to severing the ties with their employerscivwould lead them to work for lower wages
(Masakure, 2016). As a contrast, low affiliationented people care less about popularity or being
liked and should be less pre-occupied to ask agdtiae for higher wages or to change

environments (McClelland, 1980). Second, individuaith higherimplicit achievemenhave a need



to demonstrate personal competence (McClelland))1 8 cause some studies already linked
higher scores on implicit achievement to higheasas (Cummin, 1967; Seibert & Kraimer, 2001),
we also expect the implicit achievement motivedqbsitively related to income. Specifically,
people high in the implicit achievement motive prefork settings in which they can ask for
frequent feedback on their performance levelsriteoto optimize their performance (Steinmann,
Otting, & Maier, 2016). Finally, a few studies alaggestedmplicit powerto be positively related

to objective career success and income levels (Qopd@67; Steinmann, Dorr, Schultheiss, &
Maier, 2015). Highly power-oriented people mightldagter at negotiating salaries because of a large
focus on status, elevated levels of confidence,hagiger likelihood of using manipulative behaviors
(Trapp & Kehr, 2016). Implicit power motive is alboked to networking behaviors and employees’
increased visibility in organizations (Steinmanralet 2016), which has been related to higher
income levels. Based on the above-mentioned litezain implicit motives, we hypothesized:

Hypothesis 2Implicit motives will predict income levels atdlstarting point of the study

(intercept) such that lower scores on affiliatioative (H2a), and higher scores on

achievement motive (H2b), and on power motive (H#te)associated with higher initial

income levels.

Traits, motives, and income growth trajectories (sope). Research that has linked
personality to income growth is scarce too. Judgekammeyer-Mueller (2007) are one of the few
that established a positive relationship betwednaversiorand income growth (see also: Rode et
al., 2008; Seibert & Kraimer, 2001). It seems tdtaverted people build larger networks and make
more use of these social ties over time (Wolff &9dn 2009). Extraversion is also regarded as a
predictor of job performance (Barrick & Mount, 199é&specially in jobs requiring social
interactions. As a consequence, extraverted peniglet have more occasions to be rewarded.
Secondgconscientioupeople might also receive higher salaries duedaodlatedness of

conscientiousness with higher job performancerisitend self-improvement (Barrick & Mount,
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1991). Indeed, conscientiousness contributes toehilgvels of information processing (Rode et al.,
2008) which can be rewarded with higher salariésdl because emotional instability and anxiety
are typically related to lower levels of self-dey@inent, emotional unstable employees might have a
lower chance of being rewarded for increased hucagital (Seibert & Kraimer, 2001). Estimated
during childhoodemotional stabilitypredicted higher earnings in adulthood (Sutin.e2809).

Fourth, also the associations betwe#allectand earnings seem to be positive over time (Jatige

al., 1999). Indeed, one’s intellectual orientatay instigate higher levels of self-development and
continuous improvement (Niel3 & Zacher, 2015), whickurn might affect one’s level of income.
Finally and to the best of our knowledge, no prasicelationships betweegreeablenesand

income growth have been investigated. However, uszhigher agreeableness has been associated
with lower levels of assertiveness, sponsorshig,\asibility in organizations (Ng et al., 2005),@n

can assume that lower agreeableness will be pelsitielated to income growth. The following
hypothesis is posited:

Hypothesis 3Big Five traits will predict positive growth in inme (slope) such that higher

scores on extraversion (H3a), conscientiousnesb)(l¢gnotional stability (H3c), and

intellect (H3d), and lower scores on agreeable(t¢3gs) are associated with higher positive

growth in income.

Regarding implicit motives, to the best of our kiesge, no previous studies have ever
linked the implicit affiliation motivdo income growth. Based on findings that affibatoriented
individuals are less likely to build large netwoeksd often settle in their current environment
(Delbecq et al., 2013), we also expect them to eapee fewer voluntary job-mobility behavior. As
a consequence, affiliation-oriented employees ntighe less opportunities to move up in the wage
structure over time (Perez & Sanz, 2005). Secawkarch did show, however, a positive relation of
the implicit achievement motivéth income as measured over a five- (McClellan&r&nz, 1992;

Orpen, 1983) and six-year period after the achiergmmotive was measured (Zhang & Arvey,
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2009). Behavioral correlates of this motive inclaldelopment and improvement of skills
(Steinmann et al., 2016). Although these effecty take some time to occur, being oriented towards
performance standards and development or learbiwth @spects of the achievement motive) has
been proven to lead to more career success overktaurer & Chapman, 2013). Finally, in
previous studieghe implicit power motivlas already been linked to leadership positions an
leadership success (House, Spangler, & Woycke,;Id6Clelland & Boyatzis, 1982). In general,
people higher on the implicit power motive not oalgn at leadership positions but are also more
likely to move up the promotional ladder. As a amqsence, people high in implicit power should
obtain higher levels of earnings over a periodraét Building on previous study findings, we
therefore hypothesized:

Hypothesis 4lmplicit motives will predict positive growth imcome (slope) such that lower

scores on affiliation motive (H4a), and higher &soon achievement motive (H4b) and on

power motive (H4c) are associated with higher pgsigrowth in income.

Integrating Explicit Traitsand Implicit Motives. Up to this point, we discussed separate
effects of explicit traits and implicit motives employees’ objective career success (like growth in
income levels). However, following previous calisiitegrate different personality-describing
theories into a comprehensive personality framewibrkight be worthwhile to investigate not only
effects of explicit traits or implicit motives ondome separately, but also the added effects of
motives beyond traits (Bing et al., 2007; KanféQ®2; McAdams, 1995; Winter et al., 1998). Hence,
by integrating explicit and implicit perspectives personality, a more complete picture of an
individual's personality becomes apparent suchttiaunderstanding and the predictive value of
constructs might be enlarged (Bing et al., 200hfl&g 2009; McAdams, 1995; Winter et al., 1998).
Although theories on explicit traits and implicibtives are both aimed at describing individual
differences between people, both constructs arsidered theoretically and empirically distinct

(Bing et al., 2007). They differ from each othedevelopmental history, arousal-enhancing
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incentives, and the kind of behavior that theygeig(McClelland et al., 1989; Schultheiss, 2008;
Winter et al., 1998). Specifically, explicit tradse established somewhat later in life on thesbaisi
cognitive experiences, get aroused by social-esitrimcentives, and predict immediate, deliberate,
and specific responses to situations. Implicit nestj on the other hand, are rather built on epry,
linguistic affective experiences, get triggereddgsivity-intrinsic incentives, and predict spontang
behavioral trends over time (Brunstein & Maier, 20BIcClelland et al., 1989; Schultheiss, 2008;
Sheldon & Schiler, 2011). As a consequence, bathogxraits and implicit motives might have
unique predictive validity in estimating income andome growth and adding implicit motives to
explicit traits might explain incremental variaringhe criterion measure. Because earlier work-
related research typically focused on the effetexplicit traits and rarely tested the predictive
value of implicit motives (Kanfer, 2009), we spéxdly investigated the added value of implicit
motives over explicit traits, and thus formulatkd following hypothesis:

Hypothesis Simplicit motives explain incremental variancemeome levels at the starting

point of the study (H5a) as well as in income glowajectories (H5b) beyond that explained

by explicit traits.

Method

Participants

Respondents were part of a representative sampe @utch population that participated in
the Longitudinal Internet Study for the Social cies (LISS) panel study. We used a specific subset
of the LISS, in which implicit motives were questeal and which started collecting data during a
time span ranging from September 2010 until Decer®d&4. A total of 2,400 participants took part
in the original panel study. Since the requireadinfation for this specific study (i.e., expliciaits,
implicit motives, gender, age, and income data) albadministered at different time points, weffirs
had to determine which participants had compleliegegessary questionnaires for this study.

Respondents with incomplete data on their exghiaits/implicit motives/income data or parts of
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these questionnaires were first excluded from #mede. This approach reduced the initial number
of 2,400 participants to 386 respondents. In agidjtbecause the scope of this study was to
determine predictors of income and income growsedaon a career perspective, we only identified
participants who belonged to the active labor faleeng the study period (i.e., excluding retirees,
students,...). This process further reduced the satoghe final number dfl = 311. At the starting
point, final respondents in this study (148 mak3 female) were between 18 and 68 yearsMle: (
45.57,SD=11.70), 50.3%N = 158) had a degree of higher education, whil8%4N = 107)
owned a degree of secondary education and 13\B&43) obtained the degree of intermediate
secondary education. Sectors the participants frexmgiently worked in were healthcare and welfare
(20.9%;N = 65), government services/public administratib®®; N = 31), and education (9% =
28).
Procedure

Independent variables of this study were explraits and implicit motives. Dependent
variable was income, followed over several yeare d@ata were obtained from the LISS panel,
which is a publicly available archival dataset taiams to follow changes in the life course andlgyi
conditions of its panel members. The LISS panet tikee probability sampling of households drawn
from the population register by Statistics Nethadks (more detailed information on sampling can be
found on the website of the LISS panel study) hinltISS panel, participants had to complete online
guestionnaires on a variety of topics on a monllalgis. Questionnaires on demographic variables
(including income levels, gender, and age), extiiaits, and implicit motives were distributed to
respondents. Implicit motives were added to theepstudy from September/October 2010 on,
explicit traits in May 2011, and demographic valgsbwere measured monthly from September
2010 until December 2014. Since explicit traitsevenly administered in May 2011 and the
dependent variable (i.e., income) should not besomeal prior to the administration of independent

variables (i.e., traits and motives) (Field, 2008¢, chose to use September 2011 as a first unit of
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income data, hence reducing the initial time sgfah@original panel to a 4-year time period ofadat
for this specific study. For demographics howewer consider September 2010 as the starting point
of the data collection.
Measures

Explicit traits. Traits were measured using the 50-item InternatiB®ersonality Item Pool
(IPIP; Goldberg, 1992) Big Five personality questiaire. Participants responded on a scale ranging
from 1 {very inaccuratgto 5 {very accurate The Cronbach alpha’s were .86 for extraversida,
for agreeableness0 for conscientiousnes89 for emotional stability, and .81 for intellect,
respectively.

Implicit motive measurement and coding. Implicit motives were measured with the
Operant Motive Test (OMT; Kuhl & Scheffer, 1999)ed$pondents of the panel had to answer three
guestions about 12 ambiguous pictures showing oneee persons: “What is important for this
person and what is this person doing?”, “How dbesperson feel?”, and “Why does the person feel
this way?”. Based on the coding manual (Kuhl & Stdre1999), answers were then categorized in
three main motive categories —affiliation (Aff) reaevement (Ach), or power (Pow)— and could
further be assigned to five categories per motf¥ghich three categories per motive were relevant
to our study (for a similar example, see Lang et24l12). Specifically, we merely focused on the
three motive approach categories. The first appreategory incorporates answers that refer to an
intrinsic aspect of the motive. The second appraatégory contains answers with positive affect
that are considered to be non-intrinsic. The thpdroach category includes negative affect answers
that are turned into a positive result by activgiog and self-confrontation. For each main motive
(affiliation, achievement, or power), we summedhgpresponses of the three motive approach
categories. Two trained coders coded the OMT "@ieg11 participants. In addition, the first
expert coder also coded 50 OMT stories that beldngéhe second coder, in order to check

interrater reliability. Intra-class correlation ¢haent (ICC[3,1]) was .79.
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Control variables. Gender and age were used as control variables estahated models
(both models regarding the effects of traits andives and both for intercept and slope models).
Gender and age seem to be related to the predmtioicome levels and income growth (Kuijpers et
al., 2006; Ng et al., 2005; Rode et al., 2008) geader and age can also be related to income levels
through interactions with traits (Judge et al.,201n addition, implicit motives can be based on
different developmental and hormonal aspects in amehwomen (Schultheiss, Wirth, Torges, Pang,
Villacorta, & Welsh, 2005), indicating the needctantrol for these variables.

Income. Following Furnham and Cheng (2013), we performealyaes on the monthly net
income levels of participants. Net income (in Eusas questioned monthly and was aggregated for
each year. September 2011 was the first data-pbintome levels in our study, followed by data
collection moments in September 2012, Septembe3,201d September 2014. Hence, four data
points of income were gathered for each panel menéest our hypotheses usilagent growth
curve modellingLCM).

Data Analyses

Using Mplus (Version 7.4), we tested latent groative models (LCM)examining the
nature of relationships between participants’ explraits (Big Five), implicit motives (Big Threg)
and income, both at the starting point of the stfigy, intercept) and at income growth trajectorie
(i.e., slope). LCMs are a specific typestfuctural equation modekhat estimate the intercept and
slope on the basis of multiple measurements o$dnee variable by specifying one latent variable
for the intercept with loadings fixed to 1 and dakent variable for the slope with a fixed coeftici
that increases by 1 with each measurement occdasic regression frameworks usually start by
assuming that all participants start at a simit@npand change at the same rate (i.e., fixed-effec
model). A LCM framework adds random-effects termisich allow the individuals to vary in their

starting point (i.e., intercepb;in Equation 1) and change rates (i.e., slopén Equatiorl) from the
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average intercept and slope in the sample (Bliegdoghart, 2002). The model can thus be written
as (see Equation 1):
Y =[moj +myi(Timey)] + rj 1)
70j = Boo + Uoj
71j = P1o+ Uy
Building a LCM model typically consists of two sgeCurran, Obeidat, & Losardo, 2010)
The first step included constructing a basic gromtidel without any between-person predictor
variables (Model MO0). In this baseline model, tregectory of income change over time was studied.
The model included both fixed effects (i.e., estesaof the mean intercept and mean slope in the
sample, referring to the average starting poirthefgrowth curve and the average growth rate over
individuals) as well as random effects (i.e., eatiés of intercept and slope variance, referring to
between-person variability around the mean intdraad mean slope).
In the second step (Model M1), between-person predvariables (i.e., gender, age, traits,
and motives) were introduced to predict individualiability in income at the starting point (i.e.,
intercept), and in income change rate (i.e., slgPgine & Crombie, 2003). Several models, with
different predictor variables, were tested. In Mdbke(M1a), control variables and explicit traits
were entered as between-person predictor variablin® intercept and slope, to test for Hypotheses
1 and 3. In Model 1b (M1b) control variables angblicit motives predicted the intercept and slope,
allowing to test Hypotheses 2 and 4. Control vdesbexplicit traits, and implicit motives were the
entered simultaneously in Model 1¢ (M1c; full mgdes predictors, in order to test H5. Model fit of
all estimated models was evaluated using fit irelgech as Normed, RMSEA (Root mean
squared error of approximation), CFl (comparativentiex), SRMR (standardized root mean square
residual), TLI (Tucker-Lewin index), and AIC (Akaknformation criterior’) Taking Model 1c
(M1c) as an example, Equation 1 could be furthéereded with between-person predictor variables

of the intercept (see Equation 2) and the slope Espiation 3):
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70j = Poo + Por(Gendej) + Po2(Agg) + Pos(Extraversior) + Bos(Agreeablenegst

Bos(Conscientiousnegs Bos(Emotional Stability) + Bo7(Intellect) + 2

Bog(Affiliation ) + Bog(Achievemen) + Boio(Powey) + Ug;

71 = P1o + Pr(Gende)) + B12(Agg) + Br3(Extraversior) + Bia(Agreeablenegst

B1s(Conscientiousnegs Bis(Emotional Stability) + B17(Intellect) + (3)

Bie(Affiliation;) + Bio(Achievemen) + Biiog(Power) + uy
In Figure 1, a figure of the conceptual full mo@dllc) of this study can be found.

[Figure 1 about here]
Results

Preliminary Analyses

Table 1 provides descriptives (i.e., raw meanssaaddard deviations) as well as
intercorrelations of study variables for the fascame time points.

Results of the preliminary analyses (i.e., Ste the LCM model building approach; Model
MO) revealed a positive, linear trend in incomeelevacross the four time indicators (4 years). Mean
intercept (i.e., referring to the average incomellat the starting point of the study) was
1,823.811(932) = 36.59p < .001 and mean slope (i.e., referring to the ayerate of income
growth over one year) wais= 18.351(932) = 2.31p = .02. Intercept varianceintercep=
753,166.05) and slope variane® ope= 13,427.96) were substantial with greater indigidu
differences around the mean intercept comparedetintlividual variability around the mean slope.
Furthermore, intercept and slope were not thatlhigbrrelated i = -.14), indicating that income
level at the starting point of the study was nghhy related to change in income over time. Model
MO also showed an acceptable fit to the data (Ndryhe 7.75; RMSEA = 0.15; CFl = 0.98; SRMR
=0.02; TLI = 0.98; AIC =18,331.09).

Hypotheses Testing
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Table 2 presents the LCM results for models theltiohed the predictor variables (see M1a,
M1b, and M1c) and is based upon Step 2 of the LGMehbuilding approach (Model M1), which
allowed for the testing of our hypotheses by ediimjamodels with between-person predictors of the
intercept and slope. As can also be seen from Talke full model (M1c) provided an acceptable
to good fit to the data.

[Tables 1 and 2 about here]

Significant predictors of intercept variability (MJLwere emotional stability and intellect.
Effects of these explicit traits were positive, mieg that higher levels of these traits led to leigh
intercept. Hence, people higher in emotional stsaind intellect had higher income levels at the
starting point of the study (H1c and H1d supportédiditionally, conscientiousness and emotional
stability were significant positive predictors ¢dge variability (M1a), meaning that higher levefs
conscientiousness and emotional stability ledée®tr positive growth in income over the years,
supporting H3b and H3c. Figure 2a further showdrttgact of conscientiousness on income over
the years and Figure 2b depicts the effects of iemaitstability with oneSD above the mean
representing higher levels and dde below the mean representing lower levels on theds.
Furthermore, lower levels of the affiliation motilezl to higher growth in income over the years
(M1b), which provided support for H4a (see Figuce 2

Finally, Hypothesis 5 investigated whether addmglicit motives —hence, studying the
integration of both implicit and explicit persortglconstructs—, explained incremental variance in
income levels and income growth trajectories beythiatl explained by explicit traits only. When all
predictors were included together in the model (M&motional stability and intellect still
significantly predicted income levels at the stagtpoint of the study. Moreover, conscientiousness,
emotional stability, and affiliation motive werellssignificant predictors of slope variability.
Additionally, R? values (Table 2) were calculated. Results foitegrated model (M1c) including

control variables, explicit traits, and implicit thees suggested that implicit motives explained
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incremental variance in the income growth slay® = .05;x2 (3) = 10.37p =.02, beyond a model
only consisting of control variables and explic#tits (M1a), which is in line with H5b. Furthermore
the integrated model (M1c) provided an overall dxfit to the data than the model with control
variables and explicit traits (M1gp (6)= 14.68p = .02, and the model with control variables and
implicit motives (M1b),2 (10) = 35.60p < .001. An overview of the estimated models, the
hypotheses they correspond to, and the subsegsiitsis presented in Table 3.
[Table 3 about here]
[Figures 2a-c about here]
Discussion

The general aim of this study was to advance tlieeaon career success by considering the
complex interplay of explicit traits and implicitatives on the prediction of income levels and
income growth trajectories. We drew upon caredrraahagement perspectives (King, 2001; 2004;
Sturges et al., 2010) to argue that certain (ekfrglicit) personality characteristics are coresied
as proximal antecedents of adaptive career betsaflient & Brown, 2013), which in turn could
affect income levels. We specifically investigateldether people with certain personality
characteristics achieved higher levels of incombastarting point of the study (intercept) and/or
through growth trajectories over time (slope) (Judgal., 2010). To realize this aim, we related
employees’ stance on explicit traits and implicatimes to self-reported levels of income measured
across a 4-year time span, in which levels of ineevere measured monthly and were aggregated
for each year. Based on latent growth curve moughinalyses, we could detect that the overall
trend in income growth was positive. Below, wetfttscuss the relationship of explicit traits (Big
Five) and implicit motives (Big Three) with incortevels (both intercept and slope). We also
elaborate on the integrated effects of explicitarand implicit motives to address recent calberir

Bing et al. (2007) and Kanfer (2009) to move tovgaadnore integrative approach. Thereafter,
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strengths, limitations, further research opportagsjtand both theoretical contributions and prattic
implications are discussed.
Explicit Traitsand Income Levels

No support was found for Hla and H3a regardingripact ofextraversionExtraversion
did not predict the intercept and slope of incomengh trajectories, despite previous results ligkin
extraversion to higher income levels (de Haro ¢t28113; Turban et al., 2016) and income growth
(Judge & Kammeyer-Mueller, 2007; Rode et al., 2@&8pert & Kraimer, 2001). At first sight,
these findings seem surprising given that extravam considered to be active in engaging in social
opportunities (Rode et al., 2008) like mentorinigtienships and networking (Bozionelos, 2004),
and given that extraversion is linked to higher palcformance evaluations. Still, these earlierltesu
mostly linked extraversion to job performance igiaboccupations (Barrick & Mount, 1991).

Second and as expectednscientiousnegzredicted the slope of the income growth
trajectories (H3b supported), such that highereson conscientiousness ended in steeper positive
income growth. On the contrary, no support wasgieed for effects of conscientiousness on the
intercept (H1b unsupported). These results meet pgsearch of Wiersma and Kappe (2016), who
noticed that conscientiousness was unrelated &oysat the starting point of the study but
significantly so to salary growth. Individuals whoore higher on conscientiousness are more likely
to advance in their income because of superiopgformance (Bozionelos, 2004). Indeed,
conscientiousness is the most consistent dimemdiparsonality in relation with all job
performance criteria and all occupational jobs (B&r& Mount, 1991).

Besides conscientiousness, nearly all studies@pridiction of objective careers show that
emotional stabilitycan also be regarded as important in explainimguwee of success at work (Sutin
et al., 2009) because these two personality taagivalid predictors of job performance across job
criteria and occupational groups (Salgado, 199&%uRs of this study support these previous

findings. As expected, emotional stability predicbeoth the intercept and slope of the income
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growth trajectories (H1c and H3c supported), siheh higher scores on the emotional stability trait
resulted in higher income levels at the startingipof the study and steeper positive growth in
income over time. Typically, emotionally stableiwviduals have higher chances of career
sponsorship (Ng et al., 2005) and are more likeliptm professional networks (Bozionelos, 2004).
In addition, emotionally stable individuals mighé@be perceived as more successful when entering
new environments, hence increasing attraction aftare because they should be quicker in
adjusting to the ambiguity of a new context (Rotlalg 2008). Stability and self-confidence incieas
chances of self-development through training andcation, for which emotionally stable

individuals could be rewarded over time (Ng et 2005; Seibert & Kraimer, 2001).

Fourth, higher scores ontellectresulted in higher intercept of the income growth
trajectories (H1d supported), but not in steepsaitp@ income growth (H3d unsupported). Highly
intellect individuals might engage in diverse sbuiteractions at work, from which they can create
more visibility (Wolff & Moser, 2009). In additiorhigher intellect is related to intellectual and
social orientation, and to flexibility (Barrick & dunt, 1991; Judge et al., 1999), which all could be
considered as eligible attributes. No support wasd for the impact of intellect on the slope @ th
income growth trajectories (H3d unsupported), peshzecause intellect (as a personality
characteristic) is not clearly linked to job perfance except for jobs that require creativity (lg e
al., 2005).

Finally, hypotheses regarding effectsagfeeableneswere not supported (Hle and H3e
unsupported). Previous studies have shown thatalgleness is less observable by others (Funder,
2001) and might thus not be easily detected asfenable trait, in order to receive sponsorship (Ng
et al., 2005). In addition, agreeableness doesehate to job performance across job criteria and
occupational groups (Salgado, 1997).

Implicit Traitsand Income L evels
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Besides studying explicit traits, we additionalhpked at implicit motives. Since implicit
motives are perceived as being effective in pratidirends over time (McClelland et al., 1989),
they might be especially informative to predictemrsuccess. As expectdake affiliation motive
predicted the slope of the income growth trajeeo(H4a supported) which entails that the
affiliation motive would impact income growth ovémne. In particular, lower scores on affiliation
motive resulted in higher growth in income overdinn general, individuals lower in affiliation
motive do not worry about harmonious relationship&rpersonal rejection or hurting one’s feelings
in conflicts (Weinberger, Cotler, & Fishman, 2018%. a consequence, they might be less loyal to
employers, less averse to severing the ties wélothanization or less likely to settle in (Steimma
et al., 2016). Previous research indicated thaltgyMasakure, 2016) and job embeddedness
(Stumpf, 2014) had negative influences on careetess as well and that voluntary job mobility
increased chances of moving up in the wage strei¢Rerez & Sanz, 2005).

No significant effects, however, were found foe firedictorachievemenandpower
motiveson the intercept (H2b and H2c unsupported) anpkes(bl4b and H4c unsupported) of the
income growth trajectories and this can be expthinalifferent ways. First, implicit power and
achievement motives might be more fruitful in cer@accupations. These two personality elements
do not contribute towards explaining income lealthe starting point of our study nor to growth in
income over time, maybe because effects of thesw@saare occupation-specific (Nyhus & Pons,
2005). Specifically, striving for impact and autitypi.e., power motive) might be more relevant in
leadership (House et al., 1991) or teaching possti®inter, 1987). The achievement motive might
be more successful in small-scale businesses, salestrepreneurial jobs (McClelland, 1980)
especially because individuals higher in achievamestive like innovative activities that involve
planning the future (Steinmann et al., 2016). Idigah, implicit achievement and power motives
might be less related to income levels, but momther indicators of objective career success, such

as promotions or occupational status. For exanmpidicit achievement motive has been related to
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occupational reputation (Dietl et al., 2017) angblisit power motive to promotions into managerial
levels (McClelland & Boyatzis, 1982).
Integrated Effects of Explicit and Implicit Personality

Finally, the results on the fifth hypothesis (H&yarding the integrated effects of explicit
traits and implicit motives showed that a modelvimch implicit motives were added to explicit
traits (M1c) explained incremental variance inith@me growth slope (H5b supported), but not in
the intercept (H5a unsupported), compared to a hadg consisting of control variables and
explicit traits (M1a). Literature states that bettplicit and implicit personality elements are
independent and theoretically distinct (Bing et 2007) and therefore provide complementary
information, especially since explicit traits mggtredict deliberate responses to situations, while
implicit motives mainly predict spontaneous trengsr time (Brunstein & Maier, 2005; McClelland
et al., 1989; Sheldon & Schuler, 2011; Schulthél®88). Lang et al. (2012), for instance, found tha
interactions between explicit traits and implicibtmes increased the explained variance in both tas
and contextual performance. Present findings disstiate the need for models that consider
integrated effects of both explicit and implicierients of personality (Kanfer, 2009; McAdams,
1995).
Strengths, Limitations, and Research Opportunities

When evaluating results, it is important to consitie strengths and limitations of this study.
First, the study’s most valuable strength is thee @afdongitudinal data, which allows us to consider
growth trajectories of income. Consequently, argutiat#on regarding causality can be made.
However, we cannot rule out reverse causality, tnigher income could lead individuals to changes
in personality by adapting to a new context). Gmdther hand, several studies have indicated that
(explicit/implicit) personality is relatively stadlover time, suggesting that the causal directaasg
from personality towards career success (Staw, Bdlllausen, 1986). A second strength of our

study refers to the utilization of a fixed data@et., LISS panel) which brings with it several
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advantages like the range and the amount of peloatevas followed over the years. A third strength
is the collection of implicit motives and the sutpsent integration of explicit traits and implicit
motives. Very few studies were able to study eff@ftboth explicit traits and implicit motives
together (for exceptions, see Bing et al., 200hg.et al., 2012; Winter et al., 1998).

Despite these strengths, a potential study limitais that only one indicator of objective
career success was studied (Judge & Hurst, 20@Bgr @ndicators of objective career success (such
as promotions or job status) would also have betmdsting to relate to income growth trajectories,
especially to investigate whether the Big Threergdlicit motives relates differently to different
markers of objective career success. Second, tel paudy that was used for this research
originated in a Dutch context. In particular, nagbcontexts may have a large influence on whether
or not employees’ wages can be increased over fimeNetherlands (and in general more Western
European countries) are characterized by a largmized labor market (Nyhus & Pons, 2005) in
which wages are largely determined by collectiveghiming between employers and unions or by
structural or institutional factors such as ageijfpars et al., 2006). As a consequence, employers
may have less discretion on how to distribute eggmamongst employees (Wiersma & Kappe,
2016). Finally, the starting point of our study vemsnewhat arbitrary. Since our data was gathered
between 2010 and 2014, different stages of indalglcareers (e.g., early versus advanced careers)
were not taken into account.

Nevertheless, these limitations reveal promiswvenaes for future research. Fruitful ideas for
prospective studies might be to investigate BigeRraits at facet level because lower level faokts
traits might have differential links with incomedammcome growth. For example, the facet of
achievement orientation (as part of the consciestiess factor) has proven to be especially related
to income (Judge et al., 1999). Also, future redeahould establish the extent to which our
conclusions are transferable to other cultural exist Last, prospective studies should investigate

the influence of career stage, for example by figuen the impact of (explicit/implicit) personalit
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on income and income growth trajectories at the efandividuals’ careers. In this study, we did
not aim to measure early career success. Howewen growth is considered, some individuals
might have different starting advantages and/ohiriigqve steeper trajectories of income growth
(Judge et al., 2010). These two elements (higlaetirs points and steeper growth) are reflected in
sponsored mobility and contest mobility perspest{iRosenbaum, 1979) and future research could
thus apply these mobility perspectives to the prestidy.
Theoretical Contributions

In considering the theoretical contributions obtkiudy, three implications to the literature
become apparent. First, this study is one of orignathat longitudinally links personality to incem
and used latent growth curve modelling to inveséigaedictors of income growth trajectories. A
longitudinal research design should always be wdezh studying dynamic concepts, like career
success. Likewise, implicit motives are regardedsgecially influential on long-term behavioral
trends (McClelland et al., 1989), rendering themtipalarly appropriate to predict career success
over time (Dietl et al., 2017). Second, our reshitsaden our understanding of predictors of income
growth and present a comprehensive overview ofli@pnplicit) personality-income relations.
Earlier research in this field has mostly concdetian explicit personality, while failing to
acknowledge the importance of implicit personaditgments (Winter et al., 1998). Our findings
demonstrate that implicit motives (i.e., affiliationotive) do have an impact on income growth
trajectories and therefore add to theories on ircand personality relations. Additionally, the
magnitude of effects is in line with previous reskeon the impact of personality in organizational
settings (Ones, Dilchert, Viswesvaran, & Judge,7200hird, models combining explicit and
implicit personality elements provide added valampared to models only consisting of either
explicit or implicit personality elements. Becawselicit and implicit personality usually predict
different ranges of behaviors (i.e., deliberate gdmate reactions versus spontaneous trends over

time; McClelland et al., 1989), integrating thenghitibe especially effective when predicting a
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complex and dynamic concept such as career suthasss often determined by an interplay of
immediate reactions and spontaneous behaviorstiover(Ng et al., 2005). This study is one of the
first to consider an integration between explicid amplicit personality and can thus be used to
argue that future research on the relationship &etwndividual dispositions and success, as judged
by earnings, should not only examine explicit peedity, but should additionally center on implicit
personality elements. This theoretical contributimswers previous calls to integrate explicit and
implicit personality elements (Kanfer, 2009; McAdam995).
Practical Implications

The present study also offers practical implicaidfirst, results help determining which
personality characteristics get rewarded with higheome over time. These insights could
subsequently help individuals manage their cardeis study by McClelland and Winter (1969),
gaining awareness of implicit motive levels as & motive training program resulted in higher
scores of the motives measured at a second tinme. @diese findings suggest that people can be
capable of adjusting their motive levels in linghwidesirable personality characteristics. Later,
McClelland (1985) attributed these changes in tbéve scores to increased self-confidence and
improved life management skills, which might adutilly aid people in career self-management.
Second, information is offered to organizationsoawhich employees could be regarded as most
valuable in terms of personality. Indeed, individsizccess might be a prerequisite for organizationa
success (Judge et al., 1999). Therefore, thesg fhaings can be used in screening and selection
processes, as well as for guidance (de Haro é2@l3). Recruitment and selection processes often
already contain personality tests (Piotrowski & Atrmong, 2006), but these processes can be
improved by inserting implicit motive measuremeidarlier research by Lang et al. (2012) noted
that the amount of time and expertise needed te oodginative statements (i.e., implicit motive
tests, like the OMT; Kuhl & Scheffer, 1999) and ttigh-stakes context of selection might hinder

the use of free response format implicit motive soe@ment in recruitment and selection contexts.
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However, the authors also state that various writt@terials that are often part of recruitment and
selection procedures (i.e., narratives, such as/atmn letters) could be used as alternativesotiec
motive content in the initial screening phase ofugment and selection processes without actually
having to invite applicants (Lang et al., 2012)e$é narratives, alongside other ways of measuring
implicit motives in recruitment and selection, abble useful for practitioners.
Conclusion

The goal of the present study was to broaden odenstanding of explicit and implicit
personality as predictors of income growth trajgesover time. Our results suggested that elements
of explicit (Big Five) and implicit personality (BiThree) contributed to objective career success,
and more specifically to income. Hence, in futweeearch, both implicit and explicit personality
should be integrated because they provide addltammhincremental insights when studying work-
related processes over time, like career success.
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Footnotes
! Throughout this paper and for reasons of conceptadty, we refer to explicit personality as
explicit traits and to implicit personality as ingt motives.
2 Often, research on motives is interchanged wigidture on psychological needs (e.g., self-
determination theory; Ryan & Deci, 2000). HoweVierature on psychological needs is rather
based on work of Hull (1943), considers needs m@asdte organismic necessities that are essential for
psychological growth” (Deci & Ryan, 2000, p. 228yas opposite to the motive literature that
rather focuses on the consequences of motive strémgindividuals.
3 We also fitted all models using random coeffitiemdeling and the six-step approach explained
in Bliese and Ployhart (2002). The results werestariially similar to the Mplus LCM analyses and
we therefore only report the Mplus LCM analyses.
4 A more detailed description of the standard LCNuvailable in overview papers like Curran,
Bauer, and Willoughby (2004) and Curran, Obeidadl, Bosardo (2010).
® Model evaluation criteria are largely based on Hd Bentler (1999) and Schweizer (2010):
Normedy? below 2 suggests good model fit and below 3 aat¥@imodel fit. RMSEA below 0.05
indicate good model fit and below 0.08 acceptalbdel@hfit. CFl between 0.95 and 1.00 suggests
good model fit and between 0.90 and 0.95 accepfabRMR values are expected to stay below
0.10. TLI values above 0.95 indicate good fit aindlify, AIC evaluation is based upon informal

comparisons.
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Table 1

Means, Standard Deviations, and IntercorrelatiomsStudy Variables.

Variable 1 2 3 4 5 6 7 8 9 10 11 12 13 14
1 Gender (0 =male,1 —

=female)

2 Age -.07 —

3 Extraversion .04 -10 .86

4 Agreeableness 39 .03 30" .80

5 Conscientiousness 19 .05 .07 29" .80
6 Emotional Stability -2T .11 .19" -01 .07 .89

7 Intellect -.05 .01 35 247 157 .09 .81

8 Affiliation .02 -.06 -.03 -.07 .09 -.08 11 —

9 Achievement -.08 .04 -10 -03 -01 .02 "13 -04 —

10 Power -.02 .04 .06 .08 .02 "6 .20 -.25™ AT —

11 Income 2011 (Net) -3 227 .06 -.10 -.07 2T 2727 =12 .08 .06 —

12 Income 2012 (Net) -3 20" .07 -11  -05 22" 22" -13 .09 .07 .96" —

13 Income 2013 (Net) -33 .17 .10 -.08 -.02 24 20" -.16" .06 .02 90" .94™ —

14 Income 2014 (Net) -3 167 .07 =12 -02 27" A8 -7 .06 .04 .89" o1 .95™ —

M 0.52 4557 3.32 393 3.78 339 3.73 1.39 245 1.821,821.38 1,842.40 1,874.97 1,872.53
SD 0.50 11.70 0.65 051 055 0.74 0.55 1.07 1.43 1.4377.36 884.18 911.86 897.96

Note. Cronbach’s alphas for Big Five traits are shownhendiagonal. p < .05;” p <.01;™ p<.001



Table 2

LCM Results for Models with Predictors (M1a, M1k,é)
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Mla M1b M1c
b SE b SE b SE

Effects of the predictors on the intercept
Gender fo1) -513.92" 99.81 -598.38  90.75 -509.82  99.63
Age (o2 14.45™ 3.83 14.25 3.88 1417 3.82
Extraversion [§o3) 12.72 49.67 17.51 50.07
Agreeablenes${) -26.52 52.50 -31.06 52.52
Conscientiousnes$d) -42.79 46.64 -34.99 46.86
Emotional Stability o) 94.71 46.46 92.92  46.86
Intellect Bo7) 182.48" 48.11 176.19  49.42
Affiliation (Pog) -78.54 46.64 -62.71 45.68
Achievement §oo) 37.99 45.57 23.39 44.87
Power Bo10) 17.85 46.83 -23.84 46.50
Effects of the predictors on the slope
Gender f11) -3.33 17.48 -5.98 15.62 -3.22 17.23
Age B12) -1.72° 0.67 -1.59 0.67 -1.80 0.67
Extraversion §13) 5.27 8.72 4.98 8.68
Agreeablenes$(s) -4.32 9.20 -5.78 9.09
Conscientiousnes$ ) 17.19 8.17 19.89 8.11
Emotional Stability [16) 18.79 8.14 18.80 8.11
Intellect B17) -15.86 8.43 -15.56 8.54
Affiliation (P1e) -22.04 8.02 -24.41 7.90
Achievement §10) -5.75 7.83 -3.42 7.76
Power B110) -11.58 8.07 -12.14 8.06
Variance components

Intercept 594,175.70 624,962.83 595,850.11

Slope 12,908.27 12,973.73 12,385.91

lintercept, slope -13 -.15 -.15
R2Residual 24,155.62 24,810.55 24,813.04

Intercept .23 .18 .24

Slope .08 .06 13
Model fit indices

Normedy? 2.73 3.30 2.34

RMSEA 0.08 0.09 0.07

CFlI 0.99 0.98 0.99

SRMR 0.01 0.01 0.01

TLI 0.97 0.97 0.97

AlC 18,264.43 18,274.36 18,258.76

Note.Mla = Model 1a; M1b = Model 1b; M1c = Model 1caits and Motives were z-standardized to
foster the interpretation. Gender and age wererlgfteir original metric.b values’ represent
unstandardized regression coefficients.
"p<.10; " p<.05 ;" p<.01;™ p<.001



Table 3

Overview of the estimated models, hypotheses tregspond to, and subsequent results.

Model Description HypothesesFindings

MO Tests the overall trend in income The overall trend in
growth. income growth is linear

and positive.

Mla Tests the effects of control H1 + H3 Higher emotional stabilit
variables and explicit traits on (H1c) and higher intellect
income levels at the starting point (H1d) predict income
(intercept; Hla-e) and income levels at the starting poin
growth (slope; H3a-e). Higher conscientiousnes

(H3b) and higher
emotional stability (H3c)
predict income growth.

M 1b Tests the effects of control H2 + H4 Lower affiliation motive
variables and implicit motives on predicts income growth
income levels at the starting point (H4a).

(intercept; H2a-c) and income
growth (slope; H4a-c).
M1c Tests the incremental variance of H5 Implicit motives explain

implicit motives beyond explicit
traits (M1c versus M1a) at the
starting point (intercept; H5a) as
well as in income growth (slope;

H5b).

incremental variance in
the income growth slope
(H5b) beyond explicit
traits.
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Gender

Extraversion

Agreeableness

Conscientiousness

Emotional Stability

Intellect

Affiliation

Achievement

Power

ﬁ[}?

Income
2011

Income
2012

Income
2013

Income
2014

Figure 1.Conceptualization of the full model (M1c).
i and s refer to the latent variables underlyirgyititercept and slope, respectively.
Parameter estimates for the predictors of thedafsrand the slope are not included in the figbwe can be read in Table 2.
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Figure 2a. Income levels in each year as a function of comsiciesness (Con). Figure 2b. Income levels in each year as a function of ematistability (Emo).
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Figure 2c.Income levels in each year as a function of affda motive (Aff).



