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ABSTRACT Effective requirements prioritization is a success factor for software development. Models
of prioritization that are traditionally used like MoSCoW, RICE, AHP and the Kano Model are deficient
in responding to what is essential for startups in terms of speed and delivery of value, efficiency in
cost, and mitigation of risk. In this paper, we introduce RECTV, a new startup requirements prioritization
framework. Essential decision making components including Cost, Risk, Technical Feasibility, Confidence
Level (C), and Time to Value (TtV) are integrated as key pieces of the RECTV tool to help startups prioritize
based on informed, data based decision making. In contrast to traditional models, RECTV validates the
outcomes of the features while delivering business value in a way where startups can adapt to market
feedback and uncertainty rapidly. This work positions RECTV as a practical alternative to traditional models,
offering startups a structured and responsive approach to prioritize features under real-world constraints.
By conducting a comparative analysis with other models, the framework is evaluated and proved to be
superior at tackling the startup glitches such as low funds, unspecified features, and the necessity of fast
market adjustment. For startups, RECTV helps them to make better use of resources and develop features
that avoid unnecessary risks.

INDEX TERMS Requirements prioritization, startups, risk assessment, time to value, confidence level,
RECTV framework, software product management.

I. INTRODUCTION
Software requirements engineering plays a critical role in
the software development life cycle (SDLC). Requirements
engineering aims to turn the ambiguous desires of future
software users into concise and formal specifications. How-
ever, it is not solely this that determines its significance
in the software lifecycle. Requirements engineering cuts
software errors early in the software development process.
Gathering requirements is a challenging process. It involves
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several rounds of meetings between the software user and
the software engineer. Moreover, prioritizing the most crucial
requirements among multiple needs can be challenging [1].
For a business to achieve success, it is important to select
the main features and functionalities to start with, since this
helps reduce time-to-market and boost ROI. The standard
Requirement Prioritization (RP) methods include MoSCoW,
RICE, AHP and Kano which make the process of decision-
making easier [2]. They do not help startups because they fail
to account for how the market can change and for not having
much money available while developing things quickly [3].
Since they depend on feedback from customers, startups must
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keep improving their plan to ensure financial security and
manage risks.

The models used to prioritize business activities are not
always effective for startups. RICE and MoSCoW are not
suitable for early-stage startups that do not have much money
because they are not designed to consider costs and possible
risks [4]. Startup companies cannot judge whether or not to
invest in features, because these models do not show their
confidence levels yet. The main problem is that TtV is not
used to help guide decisions [5]. Due to the rapid pace of star-
tups, they must quickly give users something useful to help
them succeed. Instead of devoting resources to long and risky
projects, the current approach should ensure that features are
prioritized until they give business value to the company [6].
Most available models are inflexible and cannot answer to the
needs of startups which blocks agile development. It should
bring together effectiveness, safety and the timely creation of
value by linking them in one framework.

The main goal of this research is to create RECTV which
represents a new requirements prioritization framework
designed for startup organizations. The framework provides
startups with a data-driven method to manage cost evalu-
ation together with risk evaluation and technical viability
assessment for effective strategic decision-making [1]. Two
essential decision-making elements which RECTV models
introduce consist of Confidence Level (C) and Time to
Value (TtV). The Confidence Level (C) measurement system
demonstrates the reliability of predicted feature outcomes
therefore companies give priority to proven features rather
than theoretical ones. Startups should focus on features with
quick measurable business value returns through the Time to
Value (TtV) assessment. Through these two factors RECTV
helps startups make better resource management decisions
while operating in uncertain business environments.

This study presents two significant outcomes. The study
presents RECTV as a startup-focused requirements prior-
itization model which integrates cost estimation and risk
assessment with feasibility testing and time-to-value mea-
surements and confidence level evaluations. The structured
scoring system in this model provides startups with better
decision-making abilities that ensure prioritization accu-
racy when markets rapidly change. This research evaluates
RECTV against standard prioritization frameworks by testing
it against MoSCoW, RICE, AHP and Kano. The evaluation
shows that RECTV provides startup environments superior
capabilities to handle risk management alongside cost reduc-
tion and fast feature validation processes than traditional
methods. The research solves conventional prioritization
framework weaknesses through an innovative methodology
that matches startup environments.

Traditional prioritization models (e.g. MoSCoW, Rice,
AHP and Kano) are highly used, but limited in dynamic or
resource-constrained environments. Such practices are usu-
ally rigid, and are based on subjective criteria, and do not
include important aspects like technical viability, delivery
schedule, and team confidence on realizing the outcome.

Such models can lead to erroneous priorities especially in sit-
uations of startups or agile, where frequent pivots, changing
stakeholder input, and unpredictable outcomes are the norm.
As an example, a feature with a high value might not be
viable in the current team capacity or it might be associated
with unknown risks of integration. In a bid to fill these
gaps, this paper presents RECTV, a configurable multi-factor
prioritization model that combines Value, Confidence, Effort,
Risk, Technical Feasibility and Time to Value (TtV) into a
common scoring scale. Time to Value is the rate at which
a feature is likely to create observable value upon release
and Confidence-based prioritization is a method of assign-
ing scores according to how sure the team is that a stated
value will come to pass- whether through data, experience or
history. Through its consideration of these subtle (aspects),
RECTV provides a more concrete and flexible method to fit
in the real life product development situations.

The remaining part of this paper consists of multiple sec-
tions. This section reviews available prioritization models
alongside their identified shortcomings. Section III explains
the methods that led to RECTV framework creation. The
RECTV model’s design and components are explained in
Section IV along with an explanation of its inclusion of
startup-specific decision-making aspects. Section V delivers
a comparative assessment to show how RECTV operates
compared to traditional methods. The final section analyzes
important outcomes from this research along with its con-
straints as well as provides conclusions for the study and
proposes new research paths.

II. RELATED WORK
The most valuable and feasible software features require
implementation as a primary step during requirements pri-
oritization processes. Multiple frameworks exist to assist
organizations in their requirement selection process through
systematic ranking methods. Among popular priority setting
models are MoSCoW and RICE alongside AHP and the
KanoModel. The structured prioritization approaches present
problems when used with startups because they face financial
restrictions during rapid market evolution alongside immedi-
ate requirement validation needs. This part evaluates current
prioritization frameworks to recognize their shortcomings
with startup conditions before presenting the RECTV frame-
work as an effective solution which combines cost control
with risk assessments and feasibility studies and rapid value
delivery.

The MoSCoW method represents a common method
for requirement classification which separates needs into
absolute requirements and optional features [1]. Qualitative
analysis works best in agile projects that require flexible
and easy-to-apply priority decisions. BecauseMoSCoW does
not include numerical weightings it becomes difficult to per-
form objective feature comparisons [2]. Numerous research
documents describe MoSCoW’s weaknesses as a structured
decision-making framework while pointing out its limitations
whenmaking decisions in quantitative-scoring environments.
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The extensive use of MoSCoW as a qualitative pri-
oritization method requires additional assessment models
that merge cost-effectiveness evaluations with data-based
strategic approaches [3]. The subjectivity ofMoSCoW classi-
fication leads to inconsistent requirement prioritization since
stakeholders determine priorities through their personal and
departmental preferences instead of business value alignment
according to study [4]. Startups requiring financially sustain-
able decisions lack essential cost and risk evaluation tools
within the MoSCoWmethod since it omits confidence-based
and cost assessments. The absence of quantitative weighting
in MoSCoW hinders systematic feature comparison accord-
ing to [5] which reduces efficient resource management
capabilities. Startups implementing MoSCoW could choose
features based on personal judgments of urgency instead of
true business value. The MoSCoW method does not address
financial boundaries and risk assessment needs of startups
as [6] states in their argument about sustainable startup devel-
opment.

The RICE model represents a widespread prioritization
approach that determines ranking through evaluation of
Reach, Impact, Confidence and Effort factors [7]. RICE adds
a numerical scoring approach to prioritization that provides
more structure over MoSCoW methods. The main weakness
of RICE is its failure to consider expense and risk elements
which are crucial factors for resource-constrained startup
organizations. Many studies have focused on the shortcom-
ings of the RICE model in the case of startups struggling
with finances and having to manage significant risks [8].
Startups end up wasting resources and spending more money
because there are not enough tools for assessing risks. RICE
is more objective than MoSCoW in assessing priorities, but it
requires additional techniques to take both risk and financial
aspects into account. Researchers in [13] argue that RICE
offers a way to rank features, but it does not have the right
tools for risk assessment, so startups often find it difficult to
sustain their efforts in innovation. While Confidence Level
(C) is a factor in the model, a method is not provided to
prioritize established features over unproven ones. The find-
ings [14] reveal that C in the RICE model is not able to tell
confirmed features apart from unconfirmed ones, so startups
might choose risky but significant projects. Companies can
still decide to focus on high-impact requirements, even if it
isn’t clear if they can be achieved, leading to useless spending
[15].

With AHP, organizations can assign weights to different
criteria using a comparison process that pairs each criterion
[16]. Using this approach, businesses can learn about the
effects of different design decisions on their products. It has
been documented in numerous studies focused on startups
that AHP is limited when used in rapidly changing business
environments [9]. The way AHP organizes priorities is not
effective in startups since it has two major issues: the pro-
cess needs to be very precise and the calculations are very
difficult. Working with AHP takes time and involves many

steps, causing difficulties in fast software development [17].
Since AHP is both complicated and requires a lot of time
to process, it is not practical for startups who need to act
fast. AHP is inflexible mainly because its structure is fixed
and researchers have found that this is most suitable for
organizations with definite aims, unlike startups that must
adjust to the market [10]. Because AHP has a set structure,
it works better for companies that have stable products, rather
than startups in constantly changing environments. While
the pairwise comparison approach is effective for creating
weighted results, it is hard to use when considering numerous
features, resulting in inefficiencies [19].

The Kano Model method groups product features into
satisfaction classifications. The model organizes require-
ments into essential Basic Needs followed by Performance
Features which enhance user experience and the additional
Excitement Features that create delightful surprises [11].
Some studies demonstrate Kano Model limitations when
startups need to evaluate financial and operational feasibil-
ity. The Kano Model successfully divides features according
to customer satisfaction but lacks structured cost-benefit
assessment therefore making it hard for startups to achieve
sustainable business alongside desirable features according
to [12]. The Kano Model provides businesses with tools
to distinguish between qualities that customers need (Basic
Needs) and those that enhance satisfaction (Performance and
Excitement features) [16]. Research by [13] demonstrates
that the model makes the flawed assumption that customer
preferences stay constant over time but such stability cannot
be expected in fast-changing markets thus creating develop-
ment gaps with real user needs [14]. The Kano Model serves
well in determining customer expectations yet its insuffi-
cient assessment of costs and feasibility bars its independent
use in startup decision processes. Kano lacks the ability to
assess feasibility or cost alongside risk factors which lim-
its its usefulness for startups focusing on business viability
above customer preference. The qualitative focus of Kano’s
approach according to [15] creates problems for startups
because they face difficulties determining which features
maximize their return on investment when working with
limited resources.

Over the last few years, there have been some new frame-
works of prioritization introduced, which build on the existing
models adding data analytics, machine learning, and multi-
criteria decision-making. A framework [16] uses machine
learning models to extrapolate past backlog data to deter-
mine the feature impact, which however needs large amounts
of data and might not be transparent in terms of the deci-
sion rationale. Fuzzy AHP-TOPSIS hybrids [17] have been
applied to manage imprecision and imprecise stakeholder
inputs, although these are computationally complicated and
tend to require specialized expertise to implement. RBF-
PM [18] has the ability to dynamically incorporate business
rules and constraints but it is not as flexible as changing prior-
ities that rapid and agile environments are likely to have. Also,

142548 VOLUME 13, 2025



F. Pattyn et al.: RECTV: Enhancing Agile Decision-Making in Startups

the models that consider technical debt or the risk of user
churn are narrower in scope and more difficult to extrapolate.
Such more recent techniques are innovative; however, they
are often niche problem space, need special tooling, or have
poor flexibility. On the other hand, RECTV offers a scalable,
explainable and flexible scoring system that maintains a bal-
ance between value, confidence, risk, feasibility and speed
of delivery. It is therefore easier to be used by teams within
a fast-paced or resource-limited environment, yet it is also
possible to combine it with data sources and customize the
weighting according to the context.

The current models which use structured prioritization
practices do not resolve the special difficulties which startup
companies face [19]. Current startup frameworks do not
include necessary features for cost evaluation and risk assess-
ment. Startups function within tight financial restrictions so
their developed featuresmust fulfill both budget requirements
and business expansion sustainability [20]. The traditional
decision-making methods MoSCoW and RICE omit finan-
cial assessment and risk evaluation of building new features
thus causing startups to unnecessarily invest in unprofitable
features [21].

The analysis suffers from a major drawback due to its lack
of structured confidence-based feature prioritization method-
ology. Startup projects operate under significant uncertainty
because they use validated requirements from customer data
andmarket research yet need to speculate about other require-
ments [22]. The current priority assessment tools fail to
differentiate between features with strong validation evidence
and those with limited evidence which leads startups to invest
in unverified characteristics. Startups require a prioritiza-
tion model which uses Confidence Level (C) as an essential
decision input to move resources toward features displaying
actual success potential based on factual data [23].

Traditional methods of prioritization fail to deliver the
required adaptability needed by startups operating in dynamic
business environments [24]. Startups need to redirect their
operations due to audience responses and monetary sources
and market dynamics that change regularly. The inflexible
nature of AHP andKanomethods prevents them from accom-
modating changes in requirements which makes startup
operations with their agile development process incompatible
with these approaches [25]. A startup-friendly prioritization
model must adapt swiftly to new information and feature
this dynamic reprioritization ability while guaranteeing the
development process stays committed to business objectives
[26]. Although such models as MoSCoW, RICE, AHP, and
Kano have been effective, the RECTV model solves some
of the main weaknesses of these models in an agile and
innovation-driven environment. MoSCoW is not granular in
scoring and it is very subjective. RICE does not consider such
aspects as feasibility, risk, and team capacity although it is a
quantitative scoring system. AHP offers the robust pairwise
comparisons that are hard to scale due to frequent change.
Kano measures customer satisfaction though it does not
consider effort or technical feasibility. Conversely, RECTV

integrates multi-dimensional scoring (value, risk, confidence,
feasibility, TtV) in a flexible, customizable structure that is
more appropriate to high velocity product situations where a
variety of trade-offs will need to be balanced in real time.

The common assumptions of traditional prioritization
models are that there are stable planning cycles and that
there are well-established resource baselines; both of these
are usually not the case in the startup or agile environ-
ment. As an example, startups are characterized by frequent
pivoting, changing team capacity, as well as unpredictable
value estimation. Such models as AHP or RICE can be too
rigid or time-consuming though they are rather methodical.
Lightweight MoSCoW and Kano are high dependent on
subjective evaluation, and they do not support any technical
limitations. RECTV deals with these issues by incorpo-
rating risk, feasibility, confidence and user-configurable
weighting into the scoring mechanism, and by improving
responsiveness and realism in fast changing environments.
Startups require an adaptable evaluation system that helps
them manage costs with risks and feasibility alongside clear
value assessments despite fast-changing market conditions.
The RECTV framework addresses these challenges through
its structured numerical system which integrates financial
limitations with risk management and confidence-based deci-
sions [27]. The RECTV approach implements Confidence
Level (C) as its foundation because it makes startups focus on
proven features rather than theoretical ones. RECTV imple-
ments Time to Value (TtV) as a measurement method to
determine how rapidly features create business value and thus
startups should prioritize features that produce immediate
measurable benefits instead of potential but uncertain long-
term outcomes [28]. VECSTR solves these important startup
barriers to create an operational framework that optimizes
business prioritization [29]. The framework creates a scal-
able structured and adaptable solution which helps startups
make decisions through cost-risk-technical feasibility assess-
ments during market adjustments. The subsequent section
describes the conceptual development of the RECTV frame-
work through an explanation of its scoring structure and
priority evaluation components for startup applications [30].

III. PROPOSED MODEL
The development of the RECTV framework for requirements
prioritization is based on a conceptual research approach that
includes the theoretical model construction, the expert vali-
dation of the theoretical model and the comparative analysis.
The three main stages of the methodology are: development
based on literature review, theoretical model construction,
and validation based on Delphi. This was done by designing
these stages to make sure RECTV is theoretically sound,
practically applicable, and better than other prioritization
models.

The first part of the study entailed an in depth literature
review of existing prioritization methods, namely MoSCoW,
RICE, AHP as well as the Kano Model. This review also
helped identify major shortcomings in the current models,
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FIGURE 1. RECTV framework for startup prioritization.

including no structured cost and risk assessment, no use of
confidence based prioritization, and no ease of adaptation to
agile and startup environment. Based on the findings from the
literature review, the RECTV framework was designed with
the V, E, C, T, and R as core prioritization factors.

The second stage is the theoretical model construction, for
which a structured scoring mechanism is developed to make
sure the prioritization decisions are quantifiable, transparent
and data driven. RECTV does not rely on subjective cate-
gorization or pairwise comparisons like traditional models,
but rather employs a formula based approach to balance
business impact, feasibility, and risk mitigation. Mathemati-
cal foundation of the model allows the organization to rank
features consistently and objectively without the bias and
inconsistencies.

The third stage involved validating the RECTV framework
through the use of the Delphi method, a structured expert
consensus method applied in model evaluation and refine-
ment. The Delphi process was conducted with a panel of
12 domain experts, product managers, software engineers,
business strategists, UX researchers, etc. The experts iterated
three times through rounds of evaluation and feedback to
refine the definitions of RECTV’s factors, adjust their relative
weight, and their ability to be adapted to different industries.
By the final round, all experts agreed that RECTV solves
the most important prioritization challenges (100%) and that
RECTV is robust and relevant (100%) to the industry. After
the Delphi validation, RECTVwas compared withMoSCoW,
RICE, AHP, and the Kano model using 15 evaluation criteria
such as quantifiable scoring, risk consideration, confidence
based prioritization and time to value assessment. The results
of this showed that RECTV is more transparent, adaptive, and
structured than traditional models for feature selection and
product development, and therefore is a superior framework.
In order to be theoretically grounded, empirically validated
and industry ready, this methodology guarantees that RECTV
is a scalable, structured, and risk aware prioritization model
for organizations.

A. LITERATURE REVIEW-BASED DEVELOPMENT
The framework’s development strategy includes an extensive
review of existing requirements models to understand their

strengths and limitations when used in startup environments.
The efficient organization of resources to business-critical
features stands as a fundamental practice of software devel-
opment and product management. Different models like
MoSCoWandRICE alongwith AHP and the KanoModel are
extensively used throughout industries. Various traditional
methods face substantial limitations when implemented for
startup decision-making due to startup conditions which
include economic restrictions along with quick strategic
adjustments and considerable operational unpredictability.
Studies of existing business feature priority frameworks show
their models use subjective importance assessments while
lacking standard measurable criteria and neglect cost and
risk together with validation confidence as essential decision
elements. New businesses need flexible decision-making
systems with structured scoring capabilities that maintain
their ability to adapt to changing business requirements.
The literature review serves as the basis for the RECTV
framework by developing a data-based prioritization system
that serves startup requirements.

1) MOSCOW METHOD
A very popular prioritization approach in agile project man-
agement and software development is the MoSCoW method
(Must-have, Should-have, Could-have, Won’t-have) [31].
Then, it determines a feature is one of four categories. These
are the features that are required in the system to work.

• Important features that add significant value but are not
mandatory are termed as should-have.

• Non-essential features which givesmore benefits but has
low priority could have.

• Features that will not be included in the current scope,
but can be revisited later.

However, MoSCoW is intuitive and easy to implement, but
it has a number of major shortcomings. Secondly, MoSCoW
does not have a structured numerical score method which
leads to prioritization of requirements being very subjective.
Features are broken down based on stakeholder input; there-
fore there is no way to statistically differentiate two features
in the same category [32]. It can result in inconsistent deci-
sion making, especially when there is disagreement among
different stakeholders with their priorities. Second,MoSCoW
does not take into consideration financial feasibility and risk
assessment. The technique presumes that all must be features
should be implemented, but does not supply a way to verify
that a corporation features the capital, technical assets, and
time to build these features. Overcommitment, unrealistic
timelines, and poor resource allocation are effects of this.
Lastly, MoSCoW is not flexible for dynamic environments.
Once a feature has been categorized, it becomes hard to
reevaluate the priority on that feature as the business changes.
The lack of flexibility makes MoSCoW unfeasible in a high
paced, continuously evolving product development environ-
ment such as startups or agile teams that update their product
roadmap by feedback from the market.
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Therefore, though MoSCoW continues to be a useful tool
for simple prioritization, it is not suitable for data driven
decision making and risk aware prioritization and we need
to explore more structured frameworks.

2) RICE METHOD
The RICE (Reach, Impact, Confidence, Effort) method is
one of the widely used scoring based prioritization frame-
work in product management and software development [33].
It assesses requirements on the basis of four key factors.

• R=Reach (estimated number of users or customers who
will benefit from the feature).

• Impact (I): This indicates the business value or the cus-
tomer satisfaction generated by the feature.

• Certainty of the estimates offered for Reach and Impact
(C)

• Effort (E): The resources, time, and complexity required
to implement the feature.

RICE scores are calculated using the formula:

RICEScore =
(Reach ∗ Impact ∗ Certainty)

Efforts
(1)

This scoring system enables product teams to pick features
that give maximum value for the least amount of work.
Although RICE has many advantages, however it has some
limitations. A disadvantage of RICE is that it does not take
any risk factors into account specifically. The Confidence
metric does not assess dependencies, technical challenges or
business risks, but indirectly accounts for uncertainty. This
can result in high risk features being pushed above lower
risk, more stable ones [34]. Also, RICE does not include a
structured cost assessment. Lessons learned from the Effort
factor is that it takes into account the development effort,
but does not include the financial feasibility. Even if it goes
beyond the budget constraints or needs resources still not
available, the feature with high impact and high effort will
be prioritized.

The Confidence metric is not well-defined and has a sub-
jective input in another limitation. Confidence is usually
expressed in percentage terms, with the estimates accuracy as
the base, and some teams may subconsciously play with the
score to justify the priority choices. RICE is an improvement
overMoSCoW as it introduces a scoring system, but when we
talk about high uncertainty or financial constraints, RICE is
not good enough because it does not account for risk or cost.

3) ANALYTIC HIERARCHY PROCESS (AHP)
The Analytic Hierarchy process (AHP) is a decision mak-
ing framework where weights are assigned to prioritization
factors through pairwise comparison [35]. Unlike RICE and
MoSCoW, AHP does not rely on a predefined scoring system
but allows decision makers to judge requirements on their
relative importance. AHP follows a structured approach:

• Pairwise Comparison: Features are based on one to
one comparison and prioritization is done with respect

to some criteria (say business value vs. development
effort).

• Each criterion is given a weight according to its
importance.

• Score Calculation: Rank features by weighted aggrega-
tion of the scores.

Although AHP is a mathematically rigorous means for pri-
oritization, it suffers several major limitations. AHP is first
highly complex and time consuming. It involves decision
makers comparing each feature to each other feature, making
it not practical for agile teams working on rapidly changing
requirements. Second, AHP lacks adaptability [36]. After
prioritization weights are assigned, it is difficult to change
these weights without repeating the whole process, so we
are stuck and not easily able to adapt to changing business
conditions. Finally, AHP does not take into account cost and
risk assessment. It is a structured decisionmaking framework,
but it does not consider financial feasibility, uncertainty,
dependencies, all of which are critical to prioritization. These
challenges make AHP too rigid for the modern, agile driven
environments, so a more flexible, risk aware model like
RECTV is needed.

4) KANO MODEL
The Kano Model is a prioritization based on customer sat-
isfaction method which categorizes features in relation to
their impact on user perception and experience. It categorizes
the requirements into three categories: Basic Needs (Basic
features that customers expect and need the product to have),
Performance Needs (Features that improve customer satis-
faction when improved or optimized) and Excitement Needs
(innovative or unexpected features that provide competitive
advantage and significantly increase user delight) [37]. The
KanoModel is useful to know what customers want and what
features add value versus what features are necessary (in other
words, what customers will pay for, versus what they expect
for free), but is not useful for structured prioritization.

The KanoModel is one of themajor disadvantages in terms
of not having a structured ranking methodology to prioritize
the features. Unlike the scoring based model such as RICE
and AHP; Kano does not provide a numeric assessment to
compare the features. It rather uses qualitative classifica-
tion, which may result in ambiguities of decision making
especially when resources are limited [38]. Additionally, the
model only takes into account customer satisfaction and
disregards technical feasibility, financial impact, and busi-
ness risk – all of which matter when deciding if a feature
should be prioritized. Furthermore, the Kano Model does not
give a way to estimate development effort, cost constraints,
or risk factors that might be associated with implementing
features. Therefore, although it is a good tool for grouping
and understanding user expectations, it misses the evalua-
tion criteria for prioritization in agile product development
and business decisions. As a result, the Kano Model is best
suited as an additional framework rather than as a stand alone
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prioritization method that assists teams in recognizing fea-
tures that improve user satisfaction and using other structured
approaches for resource allocation and feasibility assessment.

To address these limitations, the RECTV framework inte-
grates principles from multiple decision-making theories,
ensuring a comprehensive, data-driven approach to priori-
tization. Each factor in RECTV is grounded in established
theoretical foundations, making it a scientifically valid model
for prioritization.

TABLE 1. Justification for proposed model.

These theoretical foundations provide scientific credibility
to the RECTV framework, ensuring that each prioritization
factor is backed by established decision-making principles.

B. THEORETICAL MODEL CONSTRUCTION
The RECTV framework is developed using a structured,
theoretically grounded approach such that it can be effective
in feature prioritization and decision making. Based on the
theoretical foundations of the RECTV factors and the iden-
tified traditional prioritization model’s gaps, the next step
was to build the theoretical model that consists of defining
the core prioritization factors, the scoring mechanism and the
weighting strategy. The approach taken in RECTV is a struc-
tured one that enables balancing of business impact, technical
feasibility, riskmanagement and resource constraints, making
it scientifically valid and practically applicable.

The RECTV model, is made up of five key prioritiza-
tion factors that include Value (V), Effort (E), Confidence
(C), Technical Feasibility (T) and Risk (R). The selection of
these factors was based on an extensive literature review and
their alignment with the existing decision making theories
so as to provide a multi-dimensional feature prioritization.
To overcome the limitations mentioned in existing models,
each factor was designed to be incorporated in a structured,
quantitative approach to ranking features.

1. Risk (R) takes into account the uncertainties, depen-
dencies and possible obstacles that might occur in the
process of implementation. Features with high risk
need to be scrutinized more before they are prioritized,
so that resources are allocated in a smart way.

2. The Effort (E) factor represents the complexity of the
development and the resources that would need to
be invested in order to implement a feature. RECTV
incorporates effort as a criterion into prioritization, thus
preventing teams from over-committing on high effort
but low ROI features.

3. The C (Confidence) factor is how certain or validated
a feature is. A lot of the prioritization methods treat
feature ideas equally, but in a real world product man-
agement there are features that are based on strong user
research and market validation and others are just spec-
ulation. The Confidence factor prevents high risk and
unvalidated ideas from rising to the top over initiatives
supported by evidence.

4. Technical Feasibility (T) tests whether a feature
is possible to build within the existing technologi-
cal, infrastructure, and engineering limitations. This
stops teams from focusing on high value features
which would be infeasible to deliver in their current
ecosystem.

5. Value (V) factor explains the business impact of fea-
ture, so that high priority points match with company
objectives and customer wants. Higher value scores for
a feature implies that this feature contributes more in
terms of generation of revenue, competitive differenti-
ation and user engagement.

Even though RECTV is independent in scoring each of its
five prioritization parameters Value (V), Effort (E), Confi-
dence (C), Technical Feasibility (T) and Risk (R), it takes
practical interrelationships of these parameters into consid-
eration specifically in startup scenarios. There is a significant
dependency between Value (V) and Confidence (C). Features
may seem very valuable in early-stage product development
because of market opportunity or strategy vision. But where
the features are not supported by user validation, stakeholder
alignment, or historical precedent (i.e., low C), their true
business effect is unknown. To respond to this, the formula
used in RECTV clearly takes Confidence as a moderator of
Value:

To turn these factors into a structured decision-making
model, a scoring formula was created to give a quantifiable
and repeatable mechanism to rank features. In the following,
the proposed RECTV scoring formula is:

RECTV Score = (V × C × TtV) − (E × R) + T (2)

This equation allows us to focus on the highest value and
confidence features and takes effort, risk and feasibility
into account. Value (V) and Confidence (C) are multiplied
to make sure high value features that have strong valida-
tion to take high priority, and Effort (E) and Risk (R) are
multiplied to punish complex and high risk features. The
addition of Technical Feasibility (T) helps in adding more
weight to features that are feasible, thereby improving the
model that is applied in real world development environ-
ments. Furthermore, an additional weighting system is able
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to be implemented to adjust the importance of the fac-
tor according to organizational priorities. For instance, the
startups interested in rapid experimentation may give more
value to Confidence (C) and Time to Value (TtV), while
the enterprises looking for stability may emphasize Risk (R)
and Technical Feasibility (T). This makes the framework of
RECTV scalable and adaptable to different business models
and industries.

The inclusion of Time to Value (TtV) in the RECTV
scoring formula is official because it considers how fast a
feature can provide measurable results. It multiplies Value-
Confidence term and is expressed as a normalized value
ranging between 0.1 (slow impact) and 1.0 (fast or imme-
diate impact). Delivery forecasts, feature lead times or past
deployment velocity can be used to estimate TtV. This inte-
gration makes sure that the features which have a potential to
provide early business or user value are preferred over those
features which have long returns. In example, a lightweight
UX feature that has V = 0.6, D = 0.8, and PtV = 1.0 will
produce a value-confidence product of 0.48.

RECTV can incorporate TtV directly in the formula and
be more responsive to time-based business requirements and
agile decision-making, a process where speed of impact is as
critical as the likely value. Featuring these elements, RECTV
allows for a well-structured and adjustable way to set pri-
orities for features that help deal with important issues in
traditional models. The Delphi method was then applied by
experts to make sure that the RECTV framework is valid and
workable. This formulation makes it such that the specula-
tive features, even those perceived to have high values are
de-prioritized when they are not backed by confidence. E.g.
a feature that has a high Value score (V = 0.9) but low Confi-
dence (C = 0.2) would only have a weighted value impact of
0.18 and lower its overall prioritization score. This movement
stops the teams in early stages of development to over-commit
to unvalidated ideas and focuses on those features that are
not only valuable but also justified by real-life evidence.
This interdependency can add strength to validation-driven
and risk-minded approach to prioritization, which explains
why RECTV is particularly applicable in agile and startup
environments.

1) WEIGHT ASSESSMENT FOR EACH FACTOR
The sub-components of each primary factor of Risk (R),
Effort (E), Confidence (C), Technical Feasibility (T) and
Value (V) in the RECTV framework are also considered.
These sub components capture the complexity of decision
making in startup environments through technical, opera-
tional and strategic perspectives. A weighted aggregation
method is used to derive a unified score for each of the factors.
This method gives each sub component a relative importance
and thus the final factor score will reflect empirical evidence
but in the context of priorities at the startup.Weighted scoring
allows the RECTV model to be made more flexible, repeat-
able and adaptable across varying startup settings and product
domains.

Not all subcomponents in a factor are equally important
to decision making. For instance, effort (E) factor includes
development effort factor that dominates other factors such
as testing or integration complexity. If all sub-components
were treated equally (i.e., simple average), the final factor
scorewould not capture the true development burden. In order
to address this imbalance, the RECTV framework uses a
weighted prioritization to achieve more accurate prioritiza-
tion. Stakeholders can use differentiated weights to bring
attention to those dimensions that have the greatest impact
based on domain knowledge, project constraints or startup
maturity level. In addition, weighted aggregation facilitates
better accuracy in estimation and reduces the inherent sub-
jectivity involved in expert based scoring.

TABLE 2. Delphi-derived weight distribution for RECTV factors.

The total risk score is a weighted sum of three sub compo-
nents of technical risk, market risk and resource risk

R = RT ∗ 0.4 + RM ∗ 0.3 + RR ∗ 0.3 (3)

Resource Risk is an element of total Risk (R) factor and it is
computed by using three measurable parameters which are
Developer Availability (DA), Skill Match (SM), and Inte-
gration Complexity (IC). DA is the proportion of necessary
developers that can be employed to realize the feature (scaled
between 0 to 1), SM is the degree to which the skills of the
team match the technical requirements in the feature (0 = no
match, 1= perfect match), and IC is the anticipated complex-
ity of incorporating the feature into the existing systems (0 =

easy, 1= highly complex). The following subcomponents are
compounded with the weighted formula:

RR = w1 × (1-DA) + w2 × (1 − SM) + w3 × IC (4)

where the default weights are w 1=0.4, w 2=0.3 and w=0.3.
It is a formula that has punished low resource availability and
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skill alignment and considered the difficulty of integration,
which provides a viable andmeasurable method of measuring
risks of resources in feature prioritization.

Effort Score is computed using:

E = ED ∗ 0.5 + EI ∗ 0.3 + ET ∗ 0.2 (5)

Confidence Score is computed using:

C = CU ∗ 0.5 + CS ∗ 0.3 + CH ∗ 0.2 (6)

Feasibility Score is computed using:

T = TT ∗ 0.4 + TC ∗ 0.3 + TH ∗ 0.3 (7)

Value Score is computed using:

V = VR ∗ 0.4 + VC ∗ 0.4 + VS ∗ 0.2 (8)

The empirically derived weight assignments used in the
RECTV framework were developed through a Delphi study
with 12 experts in five early stage and growth phase startups.
The participants were product managers, software architects,
quality assurance leads and also startup founders with domain
expertise in agile product delivery. A structured Likert scale
was used to independently rate the relative importance of
sub-components within each RECTV factor, by each partici-
pant. The scores were added and normalized to produce a sum
of 1.0 for the weights in each factor. The resulting weight
distribution ultimately results from the concensus driven
prioritization logic one typically observes from a startup
environment which requires the balancing of development
constraints, business impact and feasibility trade offs. The
final weights are shown in Table 2.

The weights of RECTV subcomponents (e.g., Stack Com-
patibility = 0.4 under the Technical Feasibility) were cal-
culated systematically in a Delphi process of two expert
reviews. The rating of the importance of each subcomponent
was conducted by 12 domain experts (product managers,
technical leads and startup advisors) who individually rated
each subcomponent on the scale of importance using their
practical experience on various software projects. Their nor-
malized responses were averaged to calculate their final
weights, with a balanced display of real-world priorities.

To better understand the impact of these weights, two
competing features are evaluated under Technical Feasibility
(T) that comprises three subcomponents and they are Stack
Compatibility (weight = 0.4), Codebase Readiness (0.3),
and Team Capability (0.3). Suppose the following scores (0
1 scale):

Using the weighted sum:
• Feature A Feasibility = (0.9 × 0.4) + (0.8 × 0.3) +

(0.7 × 0.3) = 0.81
• Feature B Feasibility= (0.5×0.4)+ (0.7×0.3)+ (0.8×
0.3) = 0.65

Despite Feature B having slightly better team capability, the
stronger Stack Compatibility of Feature A, emphasized by the
0.4 weight, leads to a higher overall feasibility score. This
prioritizes features that are less risky and more technically

TABLE 3. Example calculation of technical feasibility scores for two
competing features using weighted subcomponents.

aligned, which is especially critical in high-dependency envi-
ronments like Fintech or regulated industries.

C. EXPERT VALIDATION THROUGH THE DELPHI METHOD
The Delphi method was used to confirm the theoretical and
practical aspects of the RECTV framework, as well as its
usefulness in the industry. The Delphi technique involves
repeatedly getting experts’ opinions to combine their expe-
rience and enhance a model. This approach was used by the
researchers as it has previously proven effective in looking
at decision-making approaches and reducing human errors
in the models. Experts in different specialties use the Delphi
method to ensure both academic and real-world value in the
development of RECTV.

The Delphi study consisted of three sequential rounds
which incorporated twelve subject matter experts who spe-
cialized in product management together with software
engineering and risk assessment alongside business strategy.
The selection of experts focused on their expertise in agile
product development together with decision analysis and
feature prioritization experience. The feedback process in
each round allowed continuous framework development to
improve both effectiveness and industry compatibility of the
RECTV framework.

1) ROUND 1: INITIAL EXPERT EVALUATION
In the first Delphi round, the initial expert feedback was
collected on the relevance, completeness, and applicability of
the RECTVprioritization factors. Detailed documentation for
framework was provided to the experts with definitions on the
five prioritization factors: Value (V), Effort (E), Confidence
(C), Technical Feasibility (T), and Risk (R). An explana-
tion was also provided to them about the proposed RECTV
scoring formula, its weighting and a comparative analy-
sis between RECTV and other prioritization models like
MoSCoW, RICE, AHP, Kano. This round aimed to find out
whether the dimensions of feature prioritization contained in
the RECTV framework were sufficient, whether the scoring
formula reflected the real life decision making in a proper
way and if there were any critical factors missing.

The first round findings showed that 83% of experts agreed
that the five dimensions of the RECTV factors grouped
together sufficiently covered the dimensions for prioritiza-
tion. Nevertheless, there were some experts who proposed
to revise the weights of Confidence (C) and Risk (R) to
match actual decision making, particularly in those industries
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FIGURE 2. Delphi method validation cycle.

that rely heavily on uncertainty. Experts from some of those
organizations, in fact, also suggested the addition of a sen-
sitivity adjustment that would enable organizations to adjust
factor weights according to their own tolerance to risk. With
these insights in hand, we refined C weighting to distinguish
between early stage and mature stage feature validation,
introduced an optional mechanism to adjust weights with
respect to organization’s sensitivity to risk, and clarified the
role of TtV within the model.

2) ROUND 2: REFINEMENT AND MODEL ADJUSTMENT
The refined RECTVmodel was presented in the second round
to the expert panel for reevaluation. This phase assessed
whether updated weighting and factor adjustments increased
or decreased decision accuracy and practical applicability.
A sample set of feature prioritization cases were given to
experts to apply RECTV scoring to, and its performance
was compared against their real world decision making chal-
lenges. Results from Round 2 revealed that 92% of experts
believe that the adjusted version of the model is more in line
with the needs of prioritization in different business settings.
Fintech and healthcare industries sought a higher R value,
while startup industries argued for more C and less TtV.
Large enterprises, meanwhile, used a structured approach to
evaluate V and T.

Another change was added to increase RECTV’s flexi-
bility: the weights of the factors can be adjusted according
to what the industry requires. Now, each industry could use
RECTV in the way that was best for them. The scoring
process was made more accurate as extra adjustments were
made to ensure decisions were clear and the prioritization
works well for both agile and enterprise processes.

3) ROUND 3: FINAL MODEL VALIDATION AND CONSENSUS
The final round of the Delphi study aimed to confirm that the
updated and final RECTV framework performs better than
before and ensures all changes from the previous rounds were

helpful. Overall, experts were asked to rate if the model was
balanced in its approach to business impact, feasibility, risk
and confidence.

Round 3 showed that all experts agreed that RECTV
incorporates all the vital elements for structured prioritiza-
tion. They concluded that the framework is versatile and it
provides better results than other models used for priori-
tization. A formula was used during the Delphi validation
process to determine the amount of agreement among experts
regarding different RECTV framework elements. The scien-
tists solved the problem by using this equation:

Consenses Percentage =

(
No of experts who rated 4 or 5

Total no of experts

)
∗100 (9)

This ensured that valid factors for refining the framework
were only those that were strongly agreed upon. Consensus
was determined by averaging expert ratings on a fivepoint
Likert scale, and ratings of 4 (Agree) and 5 (Strongly Agree).
If an evaluation criterion was agreed more often across suc-
cessive rounds, this meant that the framework was refined
successfully according to expert recommendations. Progres-
sively, consensus percentages increased with refinements in
each Delphi round as RECTV’s prioritization methodology
becamemore accurate, transparent, and adaptable with expert
input. By Round 3, all core prioritization factors had attained
near or full consensus, which proved the theoretical and prac-
tical applicability of RECTV as a structured decision making
model.

From the successful completion of the Delphi study,
RECTV was shown to be theoretically and practically sound,
which means that it is both conceptually robust and empiri-
cally applicable. The expert driven refinement process gave
the framework enough strength to provide agile and data
driven prioritization that is very useful for product managers,
software teams and business strategists. The next section
compares RECTV with existing prioritization models and
shows that RECTV outperforms them in terms of decision
making and industry relevance.

IV. COMPARATIVE ANALYSIS OF RECTV AGAINST
TRADITIONAL PRIORITIZATION MODELS
The comparative analysis of RECTV with traditional
prioritization models was conducted to evaluate its effective-
ness in addressing critical limitations observed in existing
frameworks such as MoSCoW, RICE, AHP, and the Kano
Model. Traditional prioritization techniques have been
widely utilized in software development and product manage-
ment; however, they exhibit several shortcomings, including
the absence of structured risk assessment, the lack of cost
considerations, and failure to integrate confidence-based
decision-making. Consequently, RECTV was created to use
a well-structured, measurable and risk-conscious method
for prioritizing to improve the accuracy of decisions. The
evaluation of RECTV against previous prioritization models
was based on a review of 15 important criteria. Assessment
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TABLE 4. Delphi evaluation results.

was conducted by considering 15 essential factors that are
required for an effective prioritization model. To check if
a model is unbiased, look for a numerical scoring system
that is used to rank the options. Systems such as MoSCoW
do not use scores to decide priorities, so the results can be
unpredictable and different each time. The process used by
RECTV ensures that stakeholders can make repeated priority
decisions in an efficient manner.

Any decision-making process should account for risk,
since it must handle unknown elements and related issues and

barriers linked to specific requirements. Models that support
prioritization in the field do not involve risk assessment,
but RECTV does by including risk evaluation in the way it
evaluates assets. When resources are scarce, companies must
rely on analyzing costs to make the best decisions during the
evaluation process. By using RECTV, organizations are able
to choose features that help their finances, whereas traditional
methods often overlook such concerns.

To support the transparency and data-driven character of
RECTV we provide a small example where a product team
used both RECTV and RICE on the same 5 features. RECTV
emerged a lower amount of effort feature with a high con-
fidence and quick Time to Value as the paramount priority,
but RICE preferred a higher-value but riskier feature. Once
the RECTV-prioritized feature was in place, it introduced the
earlier engagement of users, proving the model was correct,
and the delivery impact was real. This shows that RECTV
is superior in balancing measurable factors within the agile
environments.

There is a main method in evaluation known as
confidence-based prioritization that helps separate reliable
requirements from those that are not. Unlike the RICE
approach, most common methods fail to identify the differ-
ence between validated and uncertain features. The RECTV
model addresses this issue by requiring confidence from the
team, so businesses only focus on features that have been
proven in the market. Because these companies operate at a
fast pace, they must show value as quickly as possible. This
model is superior to older ones since it steers agile teams
and startups to work on features that help them achieve fast
results, something traditional approaches do not handle well.
Evaluating decision systems, we focus on their flexibility,
since most organizations perform their tasks using dynamic
and repeated steps. Its structure in the RECTV model is flex-
ible so that important business tasks can be changed quickly,
unlike the inflexible way AHP handles these changes.

Run tests on the model to check if it is suitable for com-
panies working in dangerous conditions and with limited
resources. Traditional models are suited for corporations
that have been in business for years, while RECTV is
geared towards start-up businesses that need to make deci-
sions quickly and cost-effectively. It is possible to use this
model for companies of every size and sector because of its
scalability.

Although in Table 5 the comparison criteria have been
equally displayed to ensure transparency, they might not be
relevant to all domains. As an example, a regulated industry
such as healthcare or a financial process can have more
value to Risk Awareness and Technical Feasibility, whereas a
consumer-facing SaaS can put more emphasis on UX Impact
and Customer Validation. Practitioners who use it are urged
to exercise contextual weighting of the criteria of comparison
following their priorities in the field. The way developers
organize tasks depends on user experience impact, as this
factor helps determine how well customers and user expe-
rience are considered. While most models today focus on
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TABLE 5. Comparative findings of RECTV vs. Traditional models.

whether something is technically possible and how it affects
the business, they do not consider what customers require.
RECTV introduces user experience elements into its frame-
work so that usability is treatedwith the desired attention. The
order of importance in profit-based sectors depends largely
on demand and the production of revenue. When using the
RECTV system, organizations can include market-related
topics in their decisions to form strategies that boost business
revenue and satisfy market needs.

For feature placement, the customer’s input should be
a key consideration. While other models do not check for
customer feedback, RECTV relies on information from real
customers to steer decisions, rather than depending on ideas
from within the organization. Ensuring that models are both
valuable for business and well-managed in their development
prevents companies from spending a lot on minor features.
RECTV applies effort requirements to ensure that resource
use supports the effectiveness of the business.

It is important to assess how complex system integration
is in technical environments, as leaders use this information
to decide how different features are arranged in the cur-
rent infrastructure. Traditional prioritization methods neglect
system integration intricacies so implementation encounters
unanticipated problems when delays occur. RECTV includes
an evaluation system to determine integration complexity
which allows for appropriate selection of features that are
technically feasible. Decision transparency constitutes an
essential requirement for stakeholders to comprehend and
understand the basis of their decided priorities. The RECTV
structured scoring model enables transparent prioritization
by delivering repeatable and data-based explanations for
decision-making processes. The final principle of RECTV-
based decision-making depends on data-driven methods to
direct decisions toward empirical observations and escape
the use of subjective opinions. Traditional approaches
about prioritization utilize expert opinions without quanti-
tative validation while RECTV implements structured data
inputs which lead to measurable and objective prioritization
methods.

The analyses of the 15 factors using the evaluation criteria
are found in Table 2. The model RECTV is better than regular
models because it is flexible, uses structured scoring, assesses
risks, adapts to start-ups, takes into account financial restric-
tions and relies on confidence in decision making. RECTV
is a preferred choice in areas that require quick decisions
and use of data, especially when resources and time are
scarce. According to the study, RECTV usually excels over
traditional prioritization models as it uses a well-structured,
risk-focused and data-based approach. Unlike the other two
methods, RECTV depends on data and uses a method that is
both clear and unbiased. The process of AHP is exact, but
it often becomes complex and rigid in real-life situations.
Even though RICE uses a prioritization approach, it does
not take into account risk assessment and feasibility which
are necessary in situations that change frequently. Although
RECTV is excellent in a wide range of assessment criteria,
it demands structured data entry and a little more learn-
ing time compared to a basic framework such as MoSCoW
or Kano. Accordingly, depth and usability are a trade-off,
organizations have to choose between the accuracy and the
time and effort they have to invest into adopting the model
successfully.

V. DISCUSSION
Based on the research, RECTV is a well-structured system
that uses information to handle prioritizing requirements,
because it addresses the weaknesses found in MoSCoW,
RICE, AHP and Kano. Many aspects that contribute to com-
parison prove that RECTV is ideal for startups and agile
groups due to its flexibility, sensitivity to risks, cost anal-
ysis and reliance on confidence. After outlining how the
findings can be used, this paper covers RECTV’s strengths
and weaknesses and suggests ways for future research.
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A. PRACTICAL IMPLICATIONS OF THE RECTV
FRAMEWORK
The essential findings indicate that common prioritization
approaches do not consider monitoring risks, budgeting and
level of confidence while making decisions. Since MoSCoW
and AHP depend on people’s opinions, the evaluation results
may often differ from each other. The scoring approach
in RECTV ensures the selection of priorities is measur-
able, open and can be reproduced. The RECTV process
uses reliability measures to ensure that projects focus on
data-backed items rather than those that are simply guessed
at and unproven. Since startups are short on resources and
regularly develop their product, every feature should bring
direct value to the business and help the company grow in
the market. Using Time to Value (TtV) makes it possible for
organizations to quickly get results from the features they
implement to meet the demands of an evolving industry.

In the RICE model, the confidence factor is included but
it does not assess risks, but RECTV accounts for risk assess-
ment for all its decisions. The structure provides companies
with a good balance between their planning and the diffi-
culties they may face in carrying out those plans. The focus
on finances in RECTV ensures that funds are not used for
projects that will not be profitable.

The RECTV model provides complete customization of
factor weight, and an organization can prioritize based on
its own particular objectives, domain demands, and product
maturity plans. This ability to flex makes the model capable
of responding to the different risk tolerances, time to mar-
ket pressures or technical limitations without changing the
basic framework. As an example, a company working in a
highly regulated industry can place more emphasis on Risk
and Technical Feasibility and focus on features that reduce
integration difficulties and guarantee compliance. The weight
ratio in such a situation may be: Value (0.2), Confidence
(0.2), Effort (0.1), Risk (0.3), and Feasibility (0.2). Con-
versely, an organization that has fast-paced market delivery
may value more on Value and Confidence with less emphasis
on risk, and the weight used may be: Value (0.4), Confi-
dence (0.3), Effort (0.1), Risk (0.1), and Feasibility (0.1). The
examples provide how RECTV achieves scoring consistency
in favor of domain-sensitive prioritization. This dynamic fea-
ture is in tandem with the general modeling practice where
tuning of weights improves the relevance, robustness, and
accuracy of the decision of the model in diverse operating
conditions.

B. STRENGTHS OF THE RECTV FRAMEWORK
Using Table 4, the study demonstrates how the RECTV
framework exceeds traditional models due to its many ben-
efits. The main benefit of using RECTV is that it assigns
numerical ratings, unlike the broad categories found in
MoSCoW and Kano. Through this system, decisions are
made in an unbiased way using data, allowing the same
priorities to be chosen each time. With the RECTV model,

decision-makers can explain their choices and the final results
are easier for both business and technical stakeholders to
relate to.

The greatest benefit of RECTV is that it covers both the
evaluation of risks and the analysis of costs, unlike other
systems. According to RECTV, financial restrictions and
risks are considered during decisions, whereas traditional
systems do not consider these factors. The approach prevents
both startups and organizations that watch their budget from
starting very expensive risky projects without first having the
resources for them. Thanks to its risk assessment feature,
Vectors helps companies prevent unplanned issues that may
arise during implementation.

Due to RECTV, organizations are able to recognize which
of their ideas are truly valuable. RETV follows an approach
where features supported by research and customer opinions
are given more priority. With RECTV, resources are dis-
tributed to projects with the highest likelihood of success and
few risks. Using validated data, RECTV ensures industries
with short development periods get the most value from their
decisions.

C. LIMITATIONS AND CHALLENGES
Rectification of RECTV’s flaws does not mean all its
problems have been solved. The biggest weakness is that
companies have to assign figures to V, E, C, T, R factors,
while assessing confidence and risk depends on personal
opinions. Any company that has trouble assessing confidence
and risk accurately finds it challenging to use this model
since it requires making decisions based on facts and not
guessing. Because the scoring system in RECTV is used
regularly, it should be updated from time to time to ensure
its weighting factors match the requirements of the business.
After some period, a high-risk feature may be assessed dif-
ferently which can result in new research findings that make
the feature low-risk and alter the number of score points
assigned. Researchers in the future should design systems that
let machine learning models update their weights based on
what they learn while operating in real life.

While RECTV is highly adaptable for agile work, using it
in very large companies often requires individual program-
ming. The field should develop methods to use RECTV in
various decision issues by taking both work procedures and
standards, as well as satisfaction of clients, into account.

Although RECTV offers a systematic and flexible model,
it is necessary to mention the possible difficulties in imple-
mentation. Specifically, such score allocation as of the factor
like Confidence or Risk could be rather subjective and in
the case of a project in an early phase of the development,
or in case of data-poor conditions. To overcome this, it is
advisable to use consensus-based methods (e.g. expert pan-
els, Delphi method) or reference to historic benchmarks in
order to calibrate inputs. Reducing bias and increasing con-
sistency among the stakeholders can also be achieved through
the application of such techniques as weighted averages or
confidence intervals.
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VI. CONCLUSION
TheRECTV framework implements an organized quantitative
model for requirements prioritization which fixes various
weaknesses found in standard models such as MoSCoW and
RICE and AHP and Kano. The combination of measurable
scores along with risk identification along with cost analy-
sis and confidence-driven decisions and flexible framework
structure makes RECTV produce transparent repeatable
prioritization decisions that follow business goals. The eval-
uation of RECTV demonstrates outstanding capability in
managing business effectiveness with practical feasibility
and financial limitations and technological dependencies
for startups and agile development teams and restricted
resource situations. Future advancements in RECTV tech-
nology will include automated scoring using AI systems and
immediate data processing to enhance its both accuracy and
applicability aspects despite facing present challenges with
scorer subjectivity and system recalibration requirements.
The RECTV framework creates a scalable system that lets
organizations undertake strategic decisions while remaining
aware of financial risks in their quest to succeed in a chang-
ing competitive market. Future work will be the empirical
validation of RECTV in a real-world environment and longi-
tudinal research on RECTV and pilot implementations in the
industry. Such studies will assist in evaluating the long-term
effects of the framework, its ease of adoption, or its ability to
scale in terms of organizations of various sizes, business area,
and development culture.
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